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Abstract- In today’s world, there are hardly any methods to detect two similar videos. If we need to check if the two videos 
are similar or not we manually need to browse the entire length of the videos and check if they are similar or not.Large video 
repositories contains a huge amount of videos stored and large amount of memory is wasted when they contain duplicate 
videos. So there is a need to develop a technique by which we can identify two duplicate videos. Duplicate video detection is 
also required in case of some editing or mixing is done in the video to identify the original video present in the edited video. 
We present an efficient and accurate method for duplicate video detection in a large database using video fingerprinting 
technique. Video fingerprint is nothing but the unique frames generated of the video. We create the frames from the videos 
and compare those frames for duplication. Frames are compared on pixel by pixel method and result is generated. The 
technique helps in efficient retrieval of duplicate videos and saves the time of manual browsing and checking the videos for 
similarity. We are creating a desktop based application designed in a .NET framework. By using this technique we can find 
two duplicate videos and also can find original video if in case any editing or mixing is done with the video. 
 
 
I. INTRODUCTION: 
 
Image processing is any form of signal processing for 
which the input is an image, such as a photograph or 
video frame; the output of image processing may be 
either an image or a set of characteristics or 
parameters related to the image. Most image-
processing techniques involve treating the image as a 
two-dimensional signal and apply standard signal-
processing techniques to it. Image processing usually 
refers to digital image processing, but optical and 
analog image processing also are possible. This 
article is about general techniques that apply to all of 
them. The acquisition of images (producing the input 
image in the first place) is referred to as imaging.  
Our project implementation aims to compare and 
detect duplicate videos from the given database. The 
project is installed on the computer which is handled 
by end user. The implementation process includes 
loading of videos, extracting of videos and comparing 
videos by using two mapping techniques. Mapping 
helps in comparing both the videos and generate 
conclusion if both videos are similar or not. 
 
Proposed Framework: 

 
Fig. 1 

 
In today’s world, there are hardly any methods to 
detect two similar videos. If we need to check if the 
two videos are similar or not we manually need to 
browse the entire length of the videos and check if 
they are similar or not.Large video repositories 
contains a huge amount of videos stored and large 
amount of memory is wasted when they contain 
duplicate videos. So there is a need to develop a 
technique by which we can identify two duplicate 
videos. Duplicate video detection is also required in 
case of some editing or mixing is done in the video to 
identify the original video present in the edited video. 
 

  1) Based Video Filters 
Many of the successful multimedia retrieval systems 
focus on developing efficient and effective video 
retrieval solutions with the help of appropriate index 
structures. In these systems, the query is an example 
video and the retrieved results are similar video clips 
which are available prior in the database. In this 
approach, it address a complementary problem of 
filtering a video stream based on a set of given 
examples. By filtering, it means to detect, accept or 
reject the part of a video stream matching any of the 
given examples.  This requires matching of example 
videos with the on-line video stream. Since the 
concepts of interest could be complex, it avoids 
explicit learning of a representation from the example 
videos to characterize the visual event present in the 
examples. It models the problem as simultaneous on-
line spotting of multiple examples in a video stream. 
It employs a vocabulary tries for the filtering purpose 
and demonstrates the applicability of the technique in 
a variety of situations.   It is intuitive to use a 
temporal representation for videos, unlike the popular 
representation as a set of key-frames, which is not 
suitable for on-line processing of videos. Let us 
consider a simple representation. A video frame is 
represented as the average color of the frame and 
video clip is represented as a sequence of such color 
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descriptors. Such a frame-level representation could 
be sensitive to the temporal sampling/segmentation 
process.  One could also think of representing the 
video frame(s) with the help of a set of interest points 
and their representations such as SIFT for matching 
and detection. It represents the video at frame level 
using the features suitable for the given task. The 
feature space is quantized into K bins using features 
extracted from a limited set of training data, using a 
clustering algorithm. Each feature is then indexed to 
the closest quantized bin, each frame then represented 
as a set of these quantization indexes.  The sequence 
of the frame features is used in the tree construction 
and look-up. Exact matching of two words or bag of 
words for detecting identical content could be 
relatively straightforward with any reasonably 
invariant representation. In many practical situations, 
one is interested in matching which allows partial and 
inexact matches of two representations of words. 
When the alphabets are described by a set of interest 
point descriptors, one could define a matching score 
based on the cardinality of intersection of the 
representations in the video stream and in the tries. 
Such a similarity score was used earlier. Removal of 
commercials (or a set of example videos) helps in 
segmenting, summarizing, storing and processing of 
broadcast video. 
 

 2)Video Copy Detection by Fast 
Sequence Matching 

Sequence matching techniques are effective for 
comparing two videos. However, existing approaches 
suffer from demanding computational costs and thus 
are not scalable for large-scale applications. In this 
approach it views video copy detection [4] as a local 
alignment problem between two frames sequences 
and proposes a two-level filtration approach which 
achieves significant acceleration to the matching 
process. First, this to use an adaptive vocabulary tree 
to index all frame descriptors extracted from the 
video database. In this step, each video is treated as a 
“bag of frames.” Such an indexing structure not only 
provides a rich vocabulary for representing videos, 
but also enables efficient computation of a pyramid 
matching kernel between videos.  This vocabulary 
tree filters those videos that are dissimilar to the 
query based on their histogram pyramid 
representations. Second, it a fast edit-distance-based 
sequence matching method that avoids unnecessary 
comparisons between dissimilar frame pairs. This 
step reduces the quadratic runtime to a linear time 
with respect to the lengths of the sequences under 
comparison. Experiments on the muscle VCD 
benchmark demonstrate that our approach is effective 
and efficient. It is 18X faster than the original 
sequence matching algorithms.  Since a video can be 
naturally represented as a sequence of frames, 
temporal constraints have been employed in the 
design of metrics that compare the similarities 
between two videos. More specifically, videos are 

represented as strings of symbols and the edit 
distancebetween two symbol strings defined as the 
minimal cost of any insertions, deletions, and 
substitutions of symbols needed to make two strings 
equal is used for measuring video similarity.  Video 
matching methods based on such a metric have a 
number of merits. First, the ground distanceused to 
compare frame descriptors can be seamlessly 
integrated into the distance measurement. Second, the 
temporal order is preserved during matching.  
Moreover, two similar videos that differ either in 
length, or in terms of other factors such as differences 
in subsequence caused by incorrect key frame 
detection, are likely to obtain a high similarity score 
based on Permission to make digital or hard copies of 
all. 
 

 3)A Time Warping Based Approach 
for Video Copy Detection 

The proliferation of digital video urges the need of 
video copy detection for content and rights 
management. An efficient video copy detection 
technique should be able to deal with spatiotemporal 
variations (e.g., changes in brightness or frame rates), 
and lower down the computation cost. While most 
studies put more emphases on spatial variations, less 
effort is made for temporal variations and 
computation cost. To address the above issues, a time 
warping based approach for video copy detection A 
time warping matching algorithm is used to deal with 
video temporal variations. To reduce matching times, 
a fast filtering method to generate key frames and 
select candidate clips from video is presented. Our 
experiments demonstrate promising results of the 
proposed approach.  As multimedia technologies 
advanced in capturing and authoring tools, video 
becomes ubiquitous over the Internet. Since digital 
video can be easily duplicated, edited, and 
redistributed, an efficient information tracking 
technique is helpful to manage video content and 
rights. There are two general techniques for video 
information tracking: watermarking and content-
based copy detection.  The watermarking technique is 
to embed watermarks in video, while the content-
based technique approaches in a different way. 
Content-based copy detection employs perceptual 
features of the video content as a unique signature. 
By comparing signatures of video clips, it can 
determine if they are copies. The major advantage of 
content-based copy detection is it does not need to 
embed watermarks in video, so that video quality will 
not be degraded. Besides, content-based copy 
detection can be a complementary technique to 
watermarking. There are two inherent challenges in 
content-based copy detection of video.  The first 
comes from the video structure, which consists of 
complex spatiotemporal signals. An effective video 
copy detector should be able to overcome the effects 
caused by spatiotemporal variations. While most 
studies put more emphases on spatial variations (e.g., 



International Journal of Advances in Science Engineering and Technology, ISSN: 2321-9009 Volume- 1, Issue-3, Jan.-2014 

 Robust Redundant Video Grader 
 

31 

histogram equalization, noise, frame resizing, etc.), 
limit effort is made for temporal variations (e.g., fast 
and slow motion, frame rates change) The framework 
of shown in 
 
 Fig.1.  Our project includes three main modules like 
extraction, mapping and refine search technique. 
 
1. Extraction:- 
In this module it will extract both the main and clip 
video in frames according to their video size and 
store in the selected location in the form of Image.  
 
2. Mapping:- 
In one-one mapping technique we generate data 
stream of both the video and compare them to check 
if both videos are similar or not. 
Algorithm works as follows:- 
1. Click on mapping button to go on mapping 
function. 
2. Open specified clip video file to read using file 
stream object.  
3. It will count the length of that file. 
 
4. Using length, it will generate the data stream of the 
complete video. 
 
5. Now data stream will be converted into string and 
will be stored in a text file. 
 
6. Same process continues for main video file. 
 
7. After that both files will be compared and 
duplication will be found.  
 
3. Refine Search:- 
In refine and filter technique we compare frames of 
clip video and main video pixel by pixel. 
 
Algorithm works as follows:- 
1. First it stores text file path of clip video in which 
we store a path of video file and extracted frames. 
2. From text files it reads video file path and then it 
reads path of extracted frames of video. 
3. The above procedure is same for main video. 
4. After clicking on filter and refine search button 
comparison of frames is carried out. 
5. One frame of clip video is compared with each and 
every frames of main video. 
6. Comparison is carried out pixel by pixel comparing 
both the clip video frame and main video frame. 
7. Result is generated.  
 
II. RANKING BASED MULTI-

CORRELATION TENSOR    
FACTORIZATION 

 
In this section, we refer the algorithm for 
annotationprediction. Let U; V;E ;K;DV;SVdenote 
the sets of users, videos, extraction,Database video 

and  Selected video clip and K means searching 
algorithm based on techniques called  mapping and 
refine search algorithm 
 
III. USER-SPECIFIC TOPIC MODELING 
 
We can directly perform the video search: whenuser u 
submits a query q, However in practice, the queries 
follows oneto-one relationship and one-
tomanyrelationship.  
Then query videos V get extracted E 
In frames then check whether Database video DV and 
Selected video clip SV DV=SV or DV!=SV. 
 
 CONCLUSION 
 
Space is something which is very dearer to each and 
every person, organization or firm. Using this 
application when evaluating or downloading videos 
can save lots of money. Keeping aside the personal 
computers, which the normal people possess, there 
are computers with huge spaces thanks to the 
technology like RAID. Resources are a very integral 
factor in development of softwares so one of the 
important aspect of development. Hence this project 
is developed in order to have an application which 
can detect duplicate videos and eliminate them 
keeping in mind the time and space complexity. Thus, 
the goal of customer satisfaction and reduction in 
waiting time is achieved through the project by 
reducing the time required by checking the individual 
video.  
 
FUTURE SCOPE 
 
Our project initially aims to find out the two similar 
videos in a large database. It can be used by many ad-
agencies and applications where large video 
requirements are present. If further expanded our 
project can be even helpful in finding the duplication 
between the videos on internet and can be used by the 
commercial video streaming websites where large 
database space is wasted because of similar video 
storage. 
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