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Abstract: Automatic detection of salient substance invisual media (e.g., videos and images) has attracted much attention. 
The detected salient substance should bedesigned for segmentation, recognition, and retrieval. Though, the exactness of 
saliency detection is difficult. The reason behind this challenge is mainly owing to the lack of a distinct model for 
interpreting saliency formulation. To tackle this trouble, this dispatch proposes to detect salient objects based on selective 
dissimilarity. Selective contrast essentially explores the furthermost clear module information in color, texture, and position. 
A huge amount of experiments are thereafter carried out upon a benchmark dataset, and the results are compared. In 
addition, the benefit of the planned algorithm is also established in a re-targeting application.  
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I. INTRODUCTION 
 
The human visual attention identifies the important 
regions in a selective manner. It is clearly understand 
for humans but it is difficult for computer vision. In 
visual attention, we have use different applications 
such as neurobiology, computer vision, cognitive 
psychology and psychophysics. The visual attention 
is approached by saliency detection. Salient is the 
state or quality by itstands out about its neighbors. 
ex:person ,pixel. The salient object has a greater 
value. 
Afterdetection, the extracted saliency map used in 
wide scope of applications in computer vision. Based 
on the previous efforts work, great progress has been 
made. However still limitations for existing 
algorithm.First, models for interpreting saliency 
formulation do not necessarily conform with the 
human visual principle that leads to an inconsistent 
saliency map. Second, the features involved for 
calculations are limited and the feature expression is 
inappropriate. In this paper, a saliency detection 
algorithm based on selective contrast (SC) is first 
proposed. This means that the furthermost selective 
information from the visual media is chosen for the 
distinctive contrast calculation. The new 
characteristics that distinguish the propose algorithm 
from others are mainly double. First, a selective 
model for saliency calculation is presented. Based on 
this opinion, the designed algorithm focuses on the 
choice of selective and distinctive components in 
visual media. Second, in accordance with the 
selective model, a more compact feature description 
is utilized. There are three features involved in this 
letter—color, texture, and position.  
 
II. RELATED WORKS 
 
 
 
 

 
Existing algorithms for saliency detection are 
generally classified as model based and computation 
based. Model based algorithms are based on the 
simulated of a human visual structure of a selective 
attention mechanism. Koch and Ullman introduced a 
concept of attention shift. Reference is another typical 
example of this type that is inspired by the multiple 
image features are combined into a single topological 
graph. M. M. Cheng, G. X. Zhang, introduced a 
concept of regional based saliency extraction 
algorithm evaluate simultaneously global contrast 
difference and spatial coherence. R. Achanta and S. 
Susstrunk Hou and Zhang presented a method for 
saliency detection independent of low-level features 
and prior knowledge. They started from the principle 
of natural image statistics and introduced a spectral 
residual model. Different from model-based 
algorithms, the computation based ones calculate 
saliency maps by contrast. Among those algorithms, 
most try to use different techniques to calculate 
contrast. For example, Frintropand M. Klodtet al. 
captured the saliency by difference between central 
pixel and its surrounding area. A smart feature 
computation technique based on integral image is 
also involved to speed up the process. Han et al. 
proposes a generic model for unsupervised extraction 
of viewer’s attention objects from color images and 
incorporated visual saliency with region growing. 
Harelet al. proposed a graph based visual saliency 
model. Liu et al. Formulated the problem of saliency 
detection as an image segmentation task. Keet al. 
enhanced images and evaluated the results based on 
the detected saliency map. Ha et al. tried to minimize 
video distortion in transmission by putting more 
weights on the saliency content in the media. Li and 
Ngan employed saliency to segment video into 
focused foreground and uninteresting background. 
Judd et al. treated saliency detection as a supervised 
learning problem. Achantaet al. introduced a method 
that produces well-defined boundaries of salient 
objects. Gofermanet al. Proposed a new kind of 
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saliency called contextaware saliency that aims at 
extracting the image regions representingthe scene. 
 
III. SYSTEM OVERVIEW 
 
We upload the image as inputin the system and do the 
preprocessing. Pre-processing methods use a small 
neighborhood of a pixel in an input image to get a 
new brightness value in the output image. Such pre-
processing operation called filtration .It has two 
groups such as smoothing and gradient operators. 
Smoothing suppress noise and other fluctuation in the 
image. Gradient operators are based on the local 
derivatives of the image function. Then perform the 
ground truth. Itproduce in depth details of the image. 
After that saliency detection algorithm is performed 
based on the color, texture and position. Then do the 
operation of seam carving. Seam carving removes 
less important region. Finally we get the resized 
image. Afterthat, perform the performance 
evaluation. 

Fig 3.1: Flow chart of Selective contrast 
 
IV. SALIENCY DETECTION ALGORITHM 
 
Video and image are the most common visual media 
in everyday life. The calculation of video saliency is 
different from that of image. For the former, saliency 
is usually extracted from individual images and the 
spatial limitation is then added to get more constant 
results. Clues for contrast calculations are extracted 
from color, texture, and position.  
 
A. Selective Color 
Algorithm: 
 
1. Take the image as input and then assume that the 
pixels in an input image are denoted as {Xn}n=1…..N , 

where N is the number of pixels in an image and Xn 

is a 3-D color vector. 
2. Then perform the covariance matrix is defined as 

 

  
By decomposing the covariance matrix, eigen values 
and eigen vectors are obtained. 
3. Afterthis, the pixel’s saliency can be described 

 
Where i is the examined pixel ,Ri is the supporting 
region for defining the saliency of pixel i and dc(i,j) is 
the distance of color descriptors between i and 
j.Then calculate the dc(i,j)=||yi-yj||2 

4. Finally calculate the selective color and region 

 
Where 휑 푖 is the function mapping pixel i to its 
corresponding prototype color and ℎ휑 (푗 ) is the  
frequency of 휑(푗) in region Ri. B. Selective Texture  
An image is a collection of pixels, provide 
meaningful information for them. An image texture is 
a set of metrices calculated in image processing 
designed to quantify the perceived texture of an 
image. Image texture gives us statistics about the 
spatial arrangement of color or intensities in an image 
or selected region of an image. Different groups of 
these pixels form different textures, which would 
provide us with descriptive information. The acquired 
textures can be described by different ways, but they 
are characterized by the outputs of a set of filters. 
Therefore, these texture expressions are first clustered 
by k-means. Then, the cluster centers are treated as 
the representative textures. Each texturein the future 
is denoted as its nearest texture prototype. We call 
this expression selective texture. The texture saliency 
of pixel I is 

 
C. Center Prone Prior 
Center prone prior gives more weight age at the 
center and less weight age on the area near the 
boundary. Reweighting is done on regions in its place 
of pixels because region based calculation can repel a 
certain level of noise. The input image is the input 
image is done segmented by a mean-shift algorithm 
using the default parameter setting. It is a 
nonparametric technique with space analysis 
technique. It is also called as mode seeking algorithm. 
It used for visual tracking. It create a confidence map 
in the new image, based on the color histogram of the 
object. it is to find the peak of confidence map near 
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the object old position. Then, the segmented regions 
are treated asthe basic unit for calculating saliency. 
We denote the obtained regions as (푅푘)푘=1….푟 . After 
that, the center prone prior isadded. However, it is 
usually found that a salient object lies at the boundary 
of the image and the attention is not absolutely 
centered. 

 
Where S(Rk,Rl) is the contrast between regions Rkand 
Rl , 휕푐 + 휕푡 = 1are the weighting factors between color 
and texture 
 
V. EXPERIMENTS 
 
In this section, experiments are done on the dataset of 
few images with ground truth labeled salient objects.  

  

 

  
Fig 5 .1: Selective contrast based on color 

 
 
 
 
 
 
 

After completing this module, we perform seam 
carving .seam carving removes less important regions 
in an image. Finally we resized the image, It contains 
all the important regions. 
 
CONCLUSION 
 
In this paper, selective dissimilarities algorithm is 
used based on color, texture and position. After 
performing seam carving, we get the resized image. 
The resized image is 77% width of the original one 
will provided. 
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