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Abstract: Along with recent advances in cloud technology and its integration with technical scientific services, healthcare 
cloud services with evolutionary, ubiquitous, on-demand access to virtually endless resources in combination with a pay-per-
use model that allows for new ways of developing, delivering and using services has performed very well in handling the 
shortcomings of the present healthcare industry, subsequently become a fast growing area in healthcare industry worldwide 
and has been regarded as a new opportunity for the future healthcare industry. Nonetheless, despite abundant benefits of 
cloud technology, cloud-based solutions remain being in the preliminary stage of development in Taiwan; hence, 
understanding of the determinants of acceptance toward this service in order to better plan and design appropriate healthcare 
cloud application service model will significantly promote the development of healthcare cloud devices and systems. Taking 
these premises, this study aims to (1) explore the determinants influencing users’ intention behavior toward Healthcare 
Cloud Services (HCS) by integrating Health Belief Model (HBM), Technology Acceptance Model (TAM), Innovation 
Diffusion Theory (IDT) and Information System Success (ISS) and (2) identify actual key service factors based on the 
achieved extent of effects to be the foundation for proposing the most effective service improvement solutions. Due to 
previous studies indicated that customer needs of public health program design depend on their health status  and the 
emerging occurrence of the “sub-health” group in this era which has motivated this research for conducting sufficient 
exploration on real demands of different kinds of users toward healthcare cloud services, this study targets two kinds of 
respondents (i.e., healthcare cloud service subhealth users and chronic/diabetes self-management care cloud services) to be 
the research objects. Through using questionnaire survey and convenience sampling method for collecting data, 311 valid 
responses out of 350 distributed survey questionnaires were returned in case of healthcare cloud service subhealth users 
(response rate of 89%) and 233 valid responses out of 320 distributed questionnaires (72.8%) were returned in case of 
chronic disease/diabetes self-management care cloud services. Structural Equation Mode (SEM) and multiple-group SEM 
were then adopted for data analysis. With the achieved key factors influencing users’ use intention, especially in accordance 
with each user group, this study hopes to provide relevant units in the healthcare industry and service industries with helpful 
designing and planning references. 
____________________________________________________________________________________________________ 
Index terms- Technology acceptance model (TAM), Innovation diffusion theory (IDT), Health belief model (HBM); 
Information system success (ISS), Healthcare cloud services (HCS).  
 
I. INTRODUCTION 
 
In the current customer-oriented era, along with 
advanced technologies worldwide, the “health” 
concept has been attracting greater attention than 
ever. Subsequently, healthcare cloud services with 
evolutionary, ubiquitous, on-demand access that 
allows for new ways of developing, delivering and 
using services has performed very well in handling 
the shortcomings of the present healthcare industry, 
subsequently become a fast growing area in 
healthcare industry worldwide [1], [2], [3], [4]. 
 
On a global scale, Taiwan has been considered to 
have a strong healthcare system and the universal 
health insurance ensures that all citizens have grown 
to expect a high level of care [5]. Being ranked 8th 
out of 59 competitive countries and ranked second in 
the Asia Pacific region regarding healthcare 
infrastructure, Taiwanese government has set the 
development of healthcare cloud technology and 
services as a key goal for the healthcare industry [5], 
[6]. Nonetheless, despite touted benefits and the 
promising future, cloud services are still in the infant 
stage in the developing world and receive a surprising  

 
lack of awareness, even among big companies [7],[8].  
According to a Gartner survey conducted among 
large firms in 2009, half the respondents in emerging 
markets neither heard of “cloud” concept or cloud 
services before nor knew what it means [9]. These 
phenomena have set a premise for the need to address 
and analyze the adoption and implementation of 
cloud services [6]. Consequently, how to understand 
and grasp customers’ real demands in designing 
appropriate healthcare cloud application service 
model has been considered of great importance in the 
healthcare industry. 
 
Concerning user perspective, healthcare cloud service 
is viewed as an innovative service model [10], [11], 
[12]. Subsequently, it is essential to sufficiently 
understand user behavior and key demand factors 
since these endeavors would beneficially improve 
efficiency regarding the use of cloud services and its 
future sustainability as well as contribute better to the 
planning of healthcare cloud services application 
design. Additionally, since healthcare cloud services 
are web-based systems in which users receive 
healthcare services through cloud delivery network, 
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user interface plays a critical role to its success or 
failure as well as the continuous development of 
healthcare cloud services. Moreover, since healthcare 
cloud service is a behavior-based model in which 
customer demands are regarded as key factors 
influencing their usage toward healthcare cloud 
services, it is of great importance for organizations to 
emphatically explore three characteristics of 
“innovative service adoption”, “user interface”, and 
“healthcare service utilization behavior” once 
attempting to effectively identify key factors 
influencing users’ use intention in utilizing healthcare 
cloud service applications. 
 
Least but not least, it is the emerging occurrence of 
the “sub-health” concept in this era that motivates this 
research. As suggested by previous studies, public 
health program design, implementation, and 
interventions are just effective once health conditions 
are clearly identified since customer preferences, 
needs, and expectations greatly vary depending on 
their health status [13]. In the past, terms to address 
the intermediate state between health and disease are 
lacking, leading the public to overlook this state, and 
thus increasing the risks of developing disease 
[13],[14]. Since the main symptoms of sub-health are 
commonly put forward to be fatigue [15], up to the 
present, sub-health is not considered a cautious health 
condition but a normal “not yet ill” health status [16], 
which in turns make the design for their health needs 
and expectations difficult [17]. Hence, the needs and 
expectations of people in the sub-health group have 
been dramatically proposed to be worth recognizing 
in the healthcare system, especially in primary care 
[16],[17]. Nevertheless, despite these concerns, 
previous studies on sub-health have mainly focused 
on the definition of this concept, associated risk 
factors, and diagnostic criteria [13]. Missing in the 
literature is the in-depth investigation of their 
viewpoints on using healthcare systems as well as 
their real demands and expectations. For this reason, 
this study aims to target sub-health people and people 
with chronic diseases to be two main samples to 
investigate the influential factors determining users’ 
use intention toward healthcare cloud services in 
Taiwan.  

 
II. LITERATURE REVIEW AND HYPOTHESIS 
DEVELOPMENT 
 
This study is based on aforementioned literature and 
theoretical background aims to incorporate the health 
belief model (HBM) [18],[19] with three main factors 
(e.g., perceived severity, perceived interests/benefits 
of action, and perceived barriers to actions), the TAM 
model [20],[21] with two main factors (e.g., 
perceived ease of use, perceived usefulness), the 
Innovation diffusion theory [22] with three main 
factors (e.g., compatibility, observability, and social 
impacts), the DeLone and McLean IS model [23] in 

combination with the ideas of Vidgen & Barnes [24] 
with three main factors (e.g., pleasure, network 
system quality, web information quality), and the e-
SERVQUAL model [25],[26] with one factor of 
service quality that includes five sub-factors of 
reliability, responsiveness, tangibles, service 
assurance, and empathy as the underlying theoretical 
grounding for the research framework. 
 
In sum, based on the above literature, the research 
framework was established as in Figure 1. Since this 
study aimed to clarify the determinant factors toward 
healthcare cloud services in accordance with two 
specific groups of sub-health users and chronic users, 
a total of 20 hypotheses were developed respectively 
for these two cases (see Figure 1). 

 
III. METHODOLOGY 
 
3.1. Sample and data collection  
Two kinds of participants were targeted to be 
research objects, namely (1) sub-health users of 
healthcare cloud service platforms, and (2) people 
with use experience in diabetes self-management care 
cloud services or having chronic diseases. By 
convenience sampling method, in case of sub-health 
users, 311 valid responses out of 350 distributed 
survey questionnaires were returned (response rate of 
89%); 57.5% of whom were male, 31% were between 
the ages of 25 to 34, 44.4% were married and 90.4% 
had more than five years experience in the use of 
computers. And in case of chronic/diabetes self-
management care cloud service users, 233 valid 
responses out of 320 distributed questionnaires were 
returned (72.8%); 59.2% of whom were male, 52 % 
were between the ages of 25 to 44, and 44.2% were 
married. 

 
3.2. Measures of the constructs  
13 proposed factors with 48 subsequent items were 
grouped according to their theoretical basis. 
Specifically, concerning the aspect of “healthcare 
service utilization behavior”, this study was based on 
the health belief model (HBM) [18],[19],[27],[28] to 
employ three main factors of perceived severity (2 
items), perceived barriers (2 items), and perceived 
interests/benefits of action (3 items). Further 
elaborating customers’ adoption and use intention 
behavior toward healthcare cloud services, this study 
attempted to adopt the scales suggested by TAM 
model [20], [21] and previous studies to incorporate 
three factors of perceived ease of use (4 items), 
perceived usefulness (6 items), and use intention (3 
items). In order to sufficiently examine customers’ 
innovative service adoption behavior, this research 
was based on Rogers [22] and Hsu et al. [29], three 
main factors of compatibility (4 items), observability 
(4 items), and social impacts (3 items). Moreover, for 
better understanding the factors of “user interface”, 
this research adopts the Information Success model 
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by DeLone and McLean [23] into developing the 
framework to propose 3 influential factors of network 
system quality (4 items), web information quality (4 
items), and pleasure (4 items). Finally, in order to 
further examine the factors affecting users’ use 
intention, this study aimed to additionally integrate 
the SERVQUAL scale [30] and e-SERVQUAL 
model [25],[26] to add five items representing five 
aspects of reliability, responsiveness, tangible, service 
assurance, and empathy. All factors were then 
assessed using the Likert 5-point scale (1=“strongly 
disagree”, 2=“disagree”, 3=“neutral”, 4=“agree”, and 
5=“strongly agree”). 

 
3.3. Data analysis methods 
Confirmatory factor analysis (CFA) was employed to 
examine the reliability and validity of the 
measurement model. The structural equation 
modeling (SEM) technique was employed to explore 
the influence relationships between 13 proposed 
independent variables and the dependent variables of 
use behavioral intention and customer satisfaction. A 
series of multiple-group SEM analyses was employed 
to test the moderating effect of groups with sub-
health people and people with chronic diseases. And 
LISREL 8.12 was employed as the main instrument 
for data analysis 

 
IV. RESULTS AND DISCUSSIONS 
 
4.1. Reliability and validity of Measurement model 
Each latent construct was tested for internal 
consistency using construct reliability and 
Cronbach’s α. Results indicated that the construct 
reliabilities ranged from 0.59 to 0.93, while the α 
values ranged from 0.69 to 0.93 for the healthcare 
cloud service sub-health group, and for the 
chronic/diabetes self-management care cloud service 
group, the construct reliabilities ranged from 0.58 to 
0.93, while the α values ranged from 0.618 to 0.923 
which almost satisfied the standardized value 0.6 
suggested by Bagozzi and Yi [31], indicating a higher 
internal consistency of measurement indicators for 
both participant groups.  
 
Next, the CFA results presented that all observed 
items’ factor loadings ranged from 0.56 to 0.92 for 
the healthcare cloud service sub-health group and 
from 0.60 to 0.90 for the chronic/diabetes self-
management care cloud service group, which were all 
greater than the suggested standardized factor 
loadings facets of 0.5 [32]. Hence, convergent 
validity of the measurement model was confirmed. 
 
In terms of discriminant validity, the obtained AVE 
values for all proposed dimensions ranged from 0.44 
to 0.77 for the healthcare cloud service sub-health 
group and from 0.43 to 0.77 for the chronic/diabetes 
self-management care cloud service group. Based on 
the recommended threshold 0.5 by Fornell and 

Larcker [33], it was assumed that all achieved AVE 
values were reasonably acceptable and thus indicated 
discriminant validity for the measurement model. 
Moreover, the average variance extracted (AVE) 
belong to each dimension was larger than the squared 
correlations between variables. Therefore, clear 
distinctions among the dimensions were confirmed 
and thus discriminant validity was supported.  

 
4.2. SEM results - Key influencing factors to users’ 
use intention 
First, a series of multiple-group SEM analyses was 
employed to test the moderating effect of groups with 
sub-health people and people with chronic diseases. 
Results indicated that the values of chi-square 
difference of seven path coefficients are significant 
(see Figure 1: red lines). Hence, user’s health state is 
qualified as a moderator of use intention model. The 
following will illustrate the key factor in these two 
groups. 
 
4.2.1. Taiwan sub-health user group 
The overall fit indices of the model were all found to 
be within the acceptable scope, suggesting that the 
model was a good fit to the data: χ2 / df =1.762, NFI= 
0.96, CFI= 0.98, IFI= 0.98, RMR= 0.031, RMSEA= 
0.05; GFI= 0.78, AGFI= 0.75). Figure 1 displayed the 
SEM results related to the research model. 
 
Out of 20 proposed hypotheses and 10 obtained 
significant path coefficients, SEM results concerning 
Taiwan sub-health user group supported 9 
hypotheses(H1, H2, H4, H7, H8, H9, H14, H18, H20) 
and disapproved 1 (H19). Specifically, concerning the 
aspect of innovative features, compatibility was 
found to positively affected perceived usefulness 
(γ=0.38*) and perceived ease of use (γ=0.22*). 
Observability was proven to have a positive influence 
on users’ perceived ease of use (γ= 0.36*). In terms 
of personal health beliefs, perceived interest/benefits 
of actions and perceived severity were found to 
significantly affected users’ use intention (i.e., 
γ=0.13, 0.35, respectively). Regarding perceived 
barriers (γ=0.20), on contrast with research 
expectation, it was interesting to see that though 
hypothesis H9-TS was rejected despite significant 
value, perceived barriers acted as the positive 
motivation for use intention. Additionally, in the view 
of user interface, significantly positive impacts of 
pleasure on perceived usefulness (γ=0.21) was 
revealed. Finally, concerning innovative service 
adoption, perceived usefulness (γ=0.59) have 
significantly positive impacts on users’ use intention 
while perceived ease of use (γ= -0.17) was 
surprisingly observed to exert negative impacts on 
use intention. In other words, users’ perceived ease of 
use did affect their use intention; however, since they 
might think the healthcare cloud service system was 
not easy enough to use, their use intention was 
negatively constrained. Noteworthy, perceived ease 
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of use positively influenced perceived usefulness 
(γ=0.25).  

 
Fig. 1. Research model and Results of SEM  

(Note: the path coefficients with black mark for Taiwan 
chronic/diabetes self-management care cloud user group ) 
 
By the total effect analysis results showed that 
besides the aforementioned impacts of perceived 
interest/benefits of actions (0.13), perceived severity 
(0.35), and perceived barriers (0.20) on use intention, 
compatibility and pleasure were additionally found to 
have potential effects on users’ use intention (i.e., 
0.22 and 0.12, respectively). Based on the achieved 
extent of impacts, the ranking order of key factors 
influencing users’ use intention was identified to be 
from perceived severity to compatibility, perceived 
barriers, perceived interest/benefits of actions, and 
finally pleasure.  
 
4.3.2. Taiwan chronic/diabetes self-management 
care cloud user group 
The overall fit indices of the model were all found to 
be within the acceptable scope, suggesting that the 
model was a good fit to the data: χ2 / df=1.731, NFI= 
0.95, CFI= 0.98, RMR= 0.033, RMSEA= 0.053, 
GFI= 0.74, AGFI= 0.71. Figure 1 demonstrated that 
there are nine hypotheses to be supported (H1, H2, 
H4, H7, H8, H12, H14, H18, H20) and 2 hypotheses 
to be disapproved (H9, H10). In the aspect of 
innovative features, compatibility was found to 
positively affected perceived usefulness (γ=0.39) and 
perceived ease of use (γ=0.22). Observability have a 
positive influence on users’ perceived ease of use (γ= 
0.48).  
 
In terms of personal health beliefs, perceived 
interest/benefits of actions and perceived severity 
significantly affected users’ use intention (i.e., 
γ=0.18, 0.13, respectively). Regarding perceived 
barriers (γ=0.34), on contrast with research 
expectation, perceived barriers acted as the positive 
motivation for use intention. Concerning user 
interface, network system quality was surprisingly 
found to exert negative impact on perceived 
usefulness (γ= -0.35). Additionally, significantly 
positive impacts of information quality (γ= 0.51) and 
pleasure (γ= 0.35) were revealed. Finally, concerning 

innovative service adoption, perceived usefulness 
(γ=0.59) have significantly positive impacts on users’ 
use intention while perceived ease of use was 
surprisingly observed to exert non-significant impact. 
Noteworthy, perceived ease of use positively 
influenced perceived usefulness (γ= 0.23).  
 
Based on the achieved extent of the above impacts, 
the ranking order of key factors influencing users’ use 
intention was identified to be from perceived barriers 
to information quality, compatibility, pleasure, 
perceived interest/benefits of actions, and finally 
perceived severity.  

 
4.3. Discussions 
From the achieved results, it could be observed that 
concerning Taiwan sub-health user group, the top 
three key factors influencing users’ use intention 
were perceived usefulness, perceived severity, and 
perceived barriers while top three key factors for 
Taiwan chronic group were perceived ease of use, 
perceived barriers, and perceived interest/barriers of 
actions. Accordingly, service providers and managers 
are recommended to pay more attention to these 
differences in the designing and developing stages in 
order to ensure the provided healthcare cloud service 
systems are suitable, holistic, and fully matching with 
the real needs, expectations, and situations of 
different kinds of users. 
 
In case of Taiwan sub-health group, specifically, 
considering the aspect of usefulness, service 
providers should make more efforts in providing 
users better sense of convenience when using 
healthcare cloud services in order to stimulate their 
use interest. Additionally, in the view of perceived 
severity, the issue that users thought diseases would 
bring about potential risks to and directly affect their 
family life in future acted as the critical factor 
determining their use toward healthcare cloud 
services. Hence, throughout healthcare cloud service 
marketing process, its capabilities in eliminating 
potential disease risks and ensuring good health 
conditions for users should be emphasized. In terms 
of perceived barriers, Taiwan sub-health users were 
recognized to face with psychological fears of not 
having time for using the services and concerns of 
high service fees, which in turn significantly 
negatively restrict their use intention. Therefore, it is 
strongly recommended to service providers to better 
manage the costs for using healthcare cloud service 
systems as well as more effectively ensure users can 
understand and be able to access the services by 
themselves in a short time since these endeavors 
could beneficially promote their positive attitude 
toward adopting the services, thus enhance their use 
intention.  
 
Moreover, in terms of Taiwan sub-health group, since 
perceived ease of use, compatibility and pleasure 
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were found to significantly positively affect users’ 
perceived usefulness, which in turn stimulated use 
intention, service providers are additionally suggested 
to emphatically maintain and take into deeper account 
these aspects when promoting the healthcare cloud 
service systems. These findings have further 
suggested service providers to focus more on whether 
the services could meet users’ needs of self-health 
management and monitoring as well as to offer users 
pleasant experience, sense of joyfulness and an 
enthusiastic heart of exploring since these actions 
would significantly increase their interest in using the 
healthcare cloud service system.  
 
Finally, regarding Taiwan chronic group, based on 
the ranking order of top three key factors from 
perceived ease of use to perceived barriers and 
perceived interest/barriers of actions, service 
providers are suggested to make more efforts in 
providing users better sense of convenience when 
using healthcare cloud services and the belief that 
healthcare cloud services would help extend their 
longevity in order to stimulate their use interest. 
Additionally, in the view of perceived 
interest/benefits of actions and perceived severity, the 
issue that users thought their health was worse than 
before and the risks of suffering from chronic 
diseases in future as well as diseases would bring 
about potential risks to and directly affect their family 
life in future acted as the critical factors determining 
their use toward healthcare cloud services. Hence, 
throughout healthcare cloud service marketing 
process, its capabilities in eliminating potential 
disease risks and ensuring good health conditions for 
users should be emphasized. In terms of perceived 
barriers, similar to Taiwan sub-health users, Taiwan 
chronic users were recognized to face with 
psychological fears of not having time for using the 
services and concerns of high service fees, which in 
turn significantly negatively restrict their use 
intention. Therefore, it is strongly recommended to 
service providers to better manage the costs for using 
healthcare cloud service systems as well as more 
effectively ensure users can understand and be able to 
access the services by themselves in a short time 
since these endeavors could beneficially promote 
their positive attitude toward adopting the services, 
thus enhance their use intention.  
 
Noteworthy, in terms of Taiwan chronic group, since 
perceived ease of use, compatibility, information 
quality, and pleasure were found to significantly 
positively affect users’ perceived usefulness, which in 
turn stimulated use intention, service providers are 
additionally suggested to invest more on these aspects 
when promoting the healthcare cloud service systems. 
These findings have further suggested service 
providers to focus more on whether the provided 
information is correct and complete and if the 
services could meet users’ needs of self-health 

management and monitoring since these actions 
would significantly increase their interest in using the 
healthcare cloud service system. Pleasant experience 
and sense of joyfulness are additionally 
recommended to be paid more focus on. Especially, 
due to the negative impact of system quality on 
perceived usefulness, service managers should make 
more efforts in ensuring good system quality 
performance in order not to cause any disappointment 
of confusion in users’ perception.  

 
CONCLUSIONS 
 
This study has integrated related multiple theories 
concerning the innovative service adoption, user 
interface, and healthcare service utilization behaviors 
(i.e., TAM, Delone and McLean IS success model, 
Innovation diffusion theory, Health belief model, and 
e-SERVQUAL scale in order to sufficiently explore 
influence factors of users’ use intention toward 
healthcare cloud service application. As such, this 
research has academically provided sufficient scales 
for exploring users’ use intention toward healthcare 
cloud services from all possible adoption perspective 
angles as well as presented a more complete view of 
user demands toward healthcare cloud services and 
key factors to users’ utilization in Taiwan. These 
findings would offer helpful references and guidance 
in better planning and designing healthcare cloud 
service systems in order to grasp more customers’ use 
intention.  
 
Second, by targeting two specific kinds of sub-health 
users and chronic/diabetes self-management care 
cloud service users, this research has usefully 
extended the current knowledge of healthcare cloud 
service applications to different health state of users, 
which in turn bridges the missing gaps in the extant 
literature of suitable treatments and proper healthcare 
systems for the sub-health groups. The study result 
shows that different health state of users moderates 
the adoption willingness model. As such, the obtained 
real demands as well as key factors toward use 
intention of two distinguished groups have 
beneficially provide detailed, clear, and sufficient 
references for future system design in order to ensure 
the services can be able to satisfy specific kinds of 
healthcare users. Finally, internal comparisons has 
beneficially helped service providers clarify the 
differences in user demands and key influential 
factors to use intention, thereby have more proper 
modification and development strategies for 
promoting the healthcare cloud service systems.  
 
This research remains several limitations. First, due 
to short time for conducting surveys, the achieved 
sample size and valid answers were relatively 
restricted. Hence, future studies should extend the 
data collecting time period longer in order to gather 
more useful information. Second, it would be a great 
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waste if the research stops with these findings. 
Therefore, with the obtained results, this study aims 
to continuously expand this research scope to more 
developing countries in Asia region, define real key 
service failures among the achieved key factors in 
order to provide more precise aspects for 
improvement.  
 
REFERENCES 
 

[1] H. Takeuchi, Y. Mayuzumi, N. Kodama, and K. Sato, 
“Personal healthcare system using cloud computing”, in 
Studies in Health Technology and Informatics, vol. 192, 
2012, pp. 936-936. 

[2] E.M. Fong and W.Y. Chung, “Mobile cloud-computing-
based healthcare service by noncontact ECG monitoring”, 
in Sensors, vol. 13 No. 12, 2013, pp. 16451-16473.  

[3] X. Wang, Q. Gui, B. Liu, Z. Jin, and Y. Chen, “Enabling 
smart personalized healthcare: a hybrid mobile-cloud 
approach for ECG telemonitoring”, in. Biomedical and 
Health Informatics, IEEE Journal, vol.  18 No. 3, 2014, pp. 
739-745. 

[4] L. Griebel, H.U. Prokosch, F. Köpcke, D. Toddenroth, J. 
Christoph, I. Leb, I. Engel, and M.  Sedlmayr, “A scoping 
review of cloud computing in healthcare”, in .BMC 
medical informatics and decision making, vol. 15 No. 1, 
2015, p.17. 

[5] C. Low and  Y.H. Chen, “Criteria for the evaluation of a 
cloud-based hospital information system outsourcing 
provider”, in Journal of Medical Systems, vol. 36 No. 6, 
2012, pp. 3543-3553. 

[6] J.W. Lian, D.C. Yen, and Y.T. Wang, “An exploratory 
study to understand the critical factors affecting the 
decision to adopt cloud computing in Taiwan hospital”, in 
International Journal of Information Management, vol. 34 
No. 1, 2014, pp. 28-36. 

[7] S. Trigueros-Preciado, D. Pérez-González, and P. Solana-
González, “Cloud computing in industrial SMEs: 
identification of the barriers to its adoption and effects of 
its application”, in Electronic Markets, vol. 23 No. 2, 
2013, pp. 105-114. 

[8] T. Oliveira, M. Thomas, M., and M. Espadanal, 
“Assessing the determinants of cloud computing adoption: 
An analysis of the manufacturing and services sectors”, in 
Information & Management, vol. 51 No. 5, 2014, pp. 497-
510. 

[9] N. Kshetri, “Cloud computing in developing economies”, 
in IEEE Computer, vol. 43 No. 10, 2010, pp. 47-55. 

[10] A. Rosenthal, P. Mork, M.H.  Li, J. Stanford, D. Koester, 
and P. Reynolds, “Cloud computing: a new business 
paradigm for biomedical information sharing”, in Journal 
of Biomedical Informatics, vol. 43 No. 2, 2010, pp. 342-
353. 

[11] S.P. Ahuja, S. Mani, and J. Zambrano, “A survey of the 
state of cloud computing in healthcare”, in  Network and 
Communication Technologies, vol. 1 No. 2, 2012, p. 12. 

[12] F.J. Shih, Y.W. Fan, C.M. Chiu, F.J. Shih, and S.S. Wang,  
“The Dilemma of “To Be or Not To Be”: Developing 
Electronically e-Health & Cloud Computing Documents 
for Overseas Transplant Patients from Taiwan Organ 
Transplant Health Professionals’ Perspective”, in 
Transplantation Proceeding, vol. 44 No. 4, 2012, pp. 835-
838. 

[13] G. Li, F. Xie, S. Yan, X. Hu, B. Jin, J. Wang,... and Q. 
Xie, “Subhealth: definition, criteria for diagnosis and 
potential prevalence in the central region of China”, in 
BMC Public Health, vol. 13 No. 1, 2013, p. 1. 

[14] R.Y. Chan and W.T. Chien, “Concepts of body 
constitution, health and sub-health from traditional 
Chinese medicine perspective”, in World Journal of 
Translational Medicine, vol. 2, 2013, pp. 56-66. 

[15] J.I.N. Peng, “Analysis on current situation of sub-health 
and its related factors among college students in Nanjing 
City”, in Occupation and Health, vol. 6, 2014, p. 26. 

[16] J. Lee, S.H. Kim, Y. Lee, S. Song, Y. Kim, and S. Lee, 
“The concept of Mibyeong (sub-health) in Korea: A 
Delphi study”, in European Journal of Integrative 
Medicine, vol. 5 No. 6, 2013, pp. 514-518. 

[17] S. Xu and Y. Liu, “Assessment for river health based on 
variable fuzzy set theory”, in Water Resources, vol. 41 No. 
2, 2014, pp. 218-224. 

[18] I.M. Rosenstock, “Why people use health services”, in The 
Milbank Memorial Fund Quarterly, vol. 44 No. 3, 1966, 
pp. 94-127. 

[19] I.M. Rosenstock, “The health belief model and preventive 
health behavior”, in Health Education Monographs, vol. 2 
No. 4, 1974, pp. 354-386. 

[20] F.D. Davis, “Perceived usefulness, perceived ease of use, 
and user acceptance of information technology”, in MIS 
quarterly, vol. 13 No. 3, 1989, pp. 319-340. 

[21] F.D. Davis, R.P. Bagozzi, and P.R. Warshaw, “User 
acceptance of computer technology: a comparison of two 
theoretical models”, in Management Science, vol. 35No. 8, 
1989, pp. 982-1003. 

[22] E.M. Rogers, Diffusion of Innovation. (4th ed.) New York: 
The Free Press, 1985. 

[23] W.H. Delone and E.R. McLean, “The DeLone and 
McLean model of information systems success: a ten-year 
update”, in Journal of Management Information 
Systems, vol. 19 No. 4, 2003, pp. 9-30. 

[24] R. Vidgen and S. Barnes, “Assessing the effect of a Web 
site redesign initiative: an SME case study”, in 
International Journal of Management Literature, vol. 1 No. 
1, 2001, pp. 113-126. 

[25] V.A. Zeithaml, A. Parasuraman, and A. Malhotra, 
“Service quality delivery through web sites: a critical 
review of extant knowledge”, in Journal of The Academy 
of Marketing Science, vol. 30 No. 4, 2002, pp. 362-375. 

[26] A. Parasuraman, V.A. Zeithaml, and A. Malhotra, “E-S-
QUAL: A multiple-item scale for assessing electronic 
service quality”, in Journal Service Research, vol. 7 No. 3, 
2005, pp. 213-233. 

[27] S.P. Lin, “Determinants of adoption of mobile healthcare 
service”, in International Journal of Mobile 
Communications, vol. 9 No. 3, 2011, pp. 298-315. 

[28] J. Kim and H.A. Park, “Development of a health 
information technology acceptance model using 
consumers’ health behavior intention”, in Journal of 
Medical Internet Research, vol. 14 No. 5, 2012, e133.  

[29] C.L. Hsu, H.P. Lu, and H.H. Hsu, “Adoption of the mobile 
Internet: An empirical study of multimedia message 
service (MMS)”, in Omega, vol. 35 No. 6, 2007, pp. 715-
726. 

[30] A. Parasuraman, V.A, Zeithaml, and L.L. Berry, 
“Servqual”, in Journal of Retailing, vol. 64 No. 1, 1988, 
pp. 12-40. 

[31] R.P. Bagozzi and Y. Yi, “On the evaluation of structural 
equation models”, in Journal of The Academy of 
Marketing Science, vol. 16 No. 1, 1988, pp. 74-94. 

[32] J.F. Hair, C.M. Ringle, and M. Sarstedt, “PLS-SEM: 
Indeed a silver bullet”, in Journal of Marketing Theory and 
Practice, vol. 19 No. 2, 2011, pp. 139-152. 

[33] C. Fornell and D.F. Larcker, “Structural equation models 
with unobservable variables and measurement error: 
Algebra and statistics”, in Journal of Marketing Research, 
1981, pp. 382-388. 

 
 

 
 
 

 


