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Abstract- Digital Forensics, as a science and part of the forensic sciences, is facing new challenges that may well render 
established models and practices obsolete. MapReduce distributed data processing architecture has been widely used as a 
mapreducer and is generally adopted by most cloud provider to built cloud computing framework.  A Hosted Desktop is a 
virtual machine hosted in the cloud. In a hosted desktop, applications and data are hosted on a remote data centre and not in a 
local user machine as in traditional computers. Hosted desktop owners access their applications and data though ordinary 
desktops or thin clients. We then describe some of the major technological innovations that have each spawned a distinct 
category of systems for data analytics. Each unique system category is described along a number of dimensions including 
data model and query interface, storage layer, execution engine, query optimization, scheduling, resource management, and 
fault tolerance. We conclude with a summary of present trends in large-scale data analytics. Such a hosted desktop can be 
used to commit cyber crime in the cloud in the same way as a criminal can use a physical desktop. This framework has the 
ability to commodity clusters due to its fault tolerance features, scalability, parallelization and the optimization. Cloud 
services are now sources of potential evidence in a vast range of investigations and network traffic also follows a growing 
trend and in cyber security the necessity of sifting through vast amount of data quickly is now paramount. In this paper, we 
propose a new mechanism based on MapReduce framework in open cloud computing environment. Again in our mechanism 
we have to merge the classification algorithm to improve the cluster performance. 
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I. INTRODUCTION 
 
Digital forensic was developed during the first Digital 
Forensics Research Workshop (DFRWS) in 2001. 
Digital Forensics is the use of scientifically derived 
and proven methods toward the preservation, 
collection, validation, identification, analysis, 
interpretation, documentation and presentation of 
digital evidence derived from digital sources for the 
purpose of facilitating or furthering the reconstruction 
of events found to be criminal, or helping to 
anticipate unauthorized actions shown to be 
disruptive to planned operations [1].The question is 
how to process large amount of data quickly with 
good response time? One of the best ways for huge 
data processing is to perform parallel and distributed 
computing in cloud. Rapid innovation and 
improvements in productivity necessitate timely and 
cost-effective analysis of big data. This need has led 
to considerable innovation in systems for large-scale 
data analytics over the last decade.  
 
Parallel databases have added techniques like 
columnar data storage and processing [3]. 
Simultaneously, new distributed compute and storage 
systems like MapReduce [3] and Bigtable [5] have 
been developed. This monograph is an attempt to 
cover the design principles and core features of 
systems for analyzing very large datasets. 
MapReduce has become a very popular platform for 
analysing large network [2].  It can be capable to 
represent several types of application that can be 
reduced to two functions: map and reduce [5].  

 
MapReduce is suitable to be in cloud computing 
environment, as an example Google [4] has proved 
automatically parallelize computations across large 
scale cluster. The Digital Preservation Coalition 
(DPC) is an advocate and catalyst for digital 
preservation, ensuring our members can deliver 
resilient long-term access to digital content and 
services [2]. This report was written by Jeremy 
Leighton John, a specialist in the theory and practice 
of digital forensics in the context of personal, cultural 
and scientific archives. The report is published by the 
DPC in association with Charles Beagrie Ltd [6]. Neil 
Beagrie, Director of Consultancy at Charles Beagrie 
Ltd, was commissioned to act as principal 
investigator for, and managing editor of this Series in 
2011. Institutional repositories and professionals with 
responsibilities for personal archives can benefit from 
forensics in addressing digital authenticity, 
accountability and accessibility [12]. Digital personal 
information must be handled with due sensitivity and 
security while demonstrably protecting its evidential 
value. Advancing capabilities promise increasingly 
effective automation in the handling of ever higher 
volumes of personal digital information. 
 
MapReduce is a programming model for cloud 
computing in data processing, as in [3], which can 
achieve secure distributed storage and processing on 
large data sets efficiently,it has good scalability and 
ease of use, can be run through thousands of 
commercial machine as in [4],and provides a 
convenient programming interface to allocate 
dataintensive work in the cluster. However, the 
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development of MapReduce application in cloud 
present several challenges considering cloud as open 
public system. A MapReduce programming model 
drives in three fundamental phases: 
1. Map phase: partition into M Map function 
(Mapper); each Mapper runs in parallel. The outputs 
of Map phase are intermediate key and value pairs. 
2. Shuffle and Sort phase: the output of each Mapper 
is partitioned by hashing the output key. Number of 
partitions is equal to the number of reducers all key 
and value pairs in shuffle phase share the same key 
that belongs to the same partition. After partitioning 
the Map output, each partition is stored by a key to 
merge all values for that key. 
3. Reduce phase: partition into R Reduce function 
(Reducer) each Reducer also runs in parallel and 
processes different intermediate keys [18]. The first 
contribution of this work is to propose a framework 
for running MapReduce system in a cloud 
environment based on the captured requirements and 
to present its implementation on Amazon Web 
services [12]. The second contribution is to present an 
experimentation of running the MapReduce system in 
a cloud environment to validate the proposed 
framework and to present the evaluation of the 
experiment based on the criteria such as speed of 
processing, data-storage us age, response time and 
cost efficiency. 
 
II. RELATED WORK  
 
Digital forensic frame work is a well studied research 
area in the centralise system. On a higher level 
investigations and intelligence analysis- can profit 
from sophisticated analysis of such datasets as social 
network structures, corpora of text to be analyzed for 
authorship and Attribution.Existing work that contain 
the lost of classification and data mining problems. 
Finally, MapReduce framework is design to reduce 
the data set for the analysis and data mining [4]. 
Other efforts focus on enabling MapReduce to 
support a wider range of applications. MRPSO [15] 
utilizes the Hadoop implementation of MapReduce to 
parallelize a compute-intensive application, called 
Particle Swarm Optimization. Researchers from Intel 
currently work on making MapReduce suitable for 
performing earthquake simulation, image processing 
and general machine learning computations [14]. 
MRPGA [20] is an extension of MapReduce for GA 
applications based on MapReduce.NET. Data 
Intensive Scalable Computing (DISC) [3] started to 
explore suitable programming models for data-
intensive computations by using MapReduce.  
 
We can see here the complete cycle of data 
management and understand that data science in 
general is concerned with the collection, preparation, 
analysis, visualization, communication and 
preservation of large sets of information; this is a 
paraphrase of another insightful definition by Jeffrey 

Stanton of Syracuse University's School of 
Information Studies.  Many projects are exploring 
ways to support MapReduce on various types of 
distributed architecture and for a wider range of 
applications. For instance, Hadoop [12] is an open 
source implementation of MapReduce sponsored by 
Yahoo! Phoenix [4] implemented the MapReduce 
model for the shared memory architecture, while M. 
Kruijf and K. Sankaralingam implemented 
MapReduce for the Cell B.E. architecture [1].Apache 
Hadoop MapReduce uses the HDFS [13] distributed 
parallel file system for data storage, which stores the 
data across the local disks of the computing nodes 
while presenting a single file system view through the 
HDFS API [14].  
 
Amazon Web Services (AWS) [4] is a set of on 
demand, over the wire cloud computing services 
offered by Amazon. The nature of personal digital 
archives reflects both the evolution of technology and 
its associated social and political impact [12]. Almost 
anything may appear in a personal digital archive, 
from emails and poet’s drafts, through an 
astronomer’s datasets, to digital workings of the 
mathematician, and notes of the political reformer 
[4]. Digital curation may also be able to derive 
considerable efficiencies from operating with disk 
images and using pointers (that reference digital 
objects and content within a disk image), and not 
necessarily exporting a multitude of digital objects 
[8]. Digital evidence is defined as any data stored or 
transmitted using a computer that support or refute a 
theory of how an offense occurred or that address 
critical elements of the offense such as intent or alibi 
(Adapted from Chisum, 1999 ) [20].  
 
The pricing for the use of EMR consists of the cost 
for the EC2 computing instances, the S3 storage cost, 
an optional fee for the usage of Simple DB to store 
job debugging information, and a separate cost per 
instance hour for the EMR service. Windows Azure 
Compute allows the users to lease Windows virtual 
machine instances. Azure Compute follows a 
platform as a service approach and offers the .net 
runtime as the platform. 

 
III. PROPOSED ALGORITHM 
 
In this paper we have to propose the MapReduce 
parallel data processing frame work and the 
classification algorithm for finding the cluster. In 
2005, Google produce its famous paper [4] on the 
MapReduce framework, explaining the idea of using 
two basic functions, map and reduce, for the 
processing of large datasets. Comparing MapReduce 
with MPI, MPI is more flexible and can be used in 
variety of applications. However, when the size of the 
data is large, MPI becomes complex to use and is less 
practical [15].Before formally defining the model, the 
first thing to note is that in more complex iterative 
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programs, each iteration may consist of more than 
one distinct BSP superset. In spite of their naive 
design and apparently over-simplified assumptions, 
naive Bayes classifiers have worked quite well in 
many complex real-world situations [5].  
 
In 2004, analysis of the Bayesian classification 
problem has shown that there are some theoretical 
reasons for the apparently unreasonable efficacy of 
naive Bayes classifiers. A comprehensive comparison 
with other classification methods in 2006 showed that 
Bayes classification is outperformed by more current 
approaches, such as boosted trees or random forests. 
An advantage of the naive Baye classifier is that it 
only requires a small amount of training data to 
estimate the parameters (means and variances of the 
variables) necessary for classification. Because 
independent variables are assumed, only the 
variances of the variables for each class need to be 
determined and not the entire covariance matrix [6]. 
In the specific implementation, there are a variety of 
algorithms considering how multiple tasks be 
allocated to within a certain period of time, they all 
have their advantages and disadvantages, But they 
ensure every task have opportunity to perform, short 
jobs, local jobs and other jobs that can be executed 
easily do not consider, so this response time is not 
ideal, the overall system response time decreases [3]. 
 
CONCLUSIONS 
 
The challenges of big data evidence already at present 
highlight the necessity of revising tenets and 
procedures firmly established in digital forensics. We 
have presented the analysis of Hadoop trace derived 
from a single-node production Hadoop cluster. The 
trace covers the jobs execution files. Proving the 
feasibility of MapReduce architecture. We also 
explored the challenges presented by cloud 
environments to execute MapReduce computations. 
Future programming frameworks must allow client 
systems to develop a robust, scalable programming 
model that, while relying on parallel computation, 
abstracts the details of parallelism. The end 
programmer should be exposed only with a set of 
APIs rather than the details of the distributed 
hardware. 
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