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Abstract-Text classification is established research area of data mining. Nowadays additional and more applications are relied 
on this approach. This survey paper presents an overview on the recent updates in Text classification algorithms and 
applications. With the fast growth of the social media, unstructured data is growing rapidly and complexity in data mining also 
increasing. Typically users post reviews for every type of products and services and put them on online forums. Potential 
customers can be influenced a lot by other’s opinion about product and service. By processing the reviews, product 
manufacturers and marketing professional can keep track of customer opinion about their products, and can get better user 
satisfaction. The proposed survey paper exploits classification performance of two techniques Semantic approach functional for 
the assignment of sentiment based classification of online reviews. Though, the estimated algorithms can diminish the 
computation time, they considerably degrade the classification accuracy. 
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I. INTRODUCTION 

 
Data Mining is an analytic process designed to explore 
data (usually large amounts of data - typically business 
or market related - also known as "big data") in search 
of consistent patterns and/or systematic relationships 
between variables, and then to validate the findings by 
applying the detected patterns to new subsets of data. 
The ultimate goal of data mining is prediction - 
and predictive data mining is the most common type of 
data mining and one that has the most direct business 
applications.Text mining, also referred to as text data 
mining, roughly equivalent to text analytics, refers to 
the process of deriving high-quality information 
from text. High-quality information is typically derived 
through the devising of patterns and trends through 
means such as statistical pattern learning. Text Mining 
is to process unstructured information, extract 
meaningful numeric indices from the text, and, thus, 
make the information contained in the text accessible to 
the various data mining (statistical and machine 
learning) algorithms. Information can be extracted to 
derive summaries for the words contained in the 
documents or to compute summaries for the documents 
based on the words contained in them. Hence, you can 
analyse words, clusters of words used in documents, 
etc., or you could analyse documents and determine 
similarities between them or how they are related to 
other variables of interest in the data mining project. In 
the most general terms, text mining will "turn text into 
numbers" (meaningful indices), which can then be 
incorporated in other analyses such as predictive data 
mining projects, the application of unsupervised 
learning methods (clustering), etc[2]. 
Parsing only verifies that the program consists of token
s arranged in a syntactically valid combination.  Now w
e’ll move forward to semanticanalysis, where we delve 
even deeper to check whether they form a sensible set o
f instructions in the programmeinglanguage.  A large pa

rt of semantic analysis consistsoftracking variable/funct
iondeclarations and type checking.  Inmany languages, 
identifiers have to be declared before they’re used.  As t
he compiler encounters a newdeclaration, it records the 
type information assigned to that identifier.  Then, as it 
continues examining the rest of the program, it verifies 
that the type of an identifier is respected in terms of the 
operations being performed [3].In syntactic analysis, 
parse trees are used to show the structure of the 
sentence, but they often contain redundant information 
due to implicit definitions (e.g., an assignment always 
has an assignment operator in it, so we can imply that), 
so syntax trees, which are compact representations are 
used instead. Trees are recursive structures, which 
complement CFGs nicely, as these are also recursive 
(unlike regular expressions)[4]. 
Lexical analysis is the extraction of individual words or 
lexemes from an input stream of symbols and passing 
corresponding tokens back to the parser. If we consider 
a statement in a programming language, we need to be 
able to recognise the small syntactic units (tokens) and 
pass this information to the parser. 
 
II. BACKGROUND 
  
Existing Techniques for Sentiment :-Research in 
semantic analysis is very diverse. The effects for 
creation of opinion mining and sentiment analysis have 
gained popularity within last three decades. Opinion 
mining in text analysis is almost similar as text 
classification in positive and negative text, which can 
be done by different ways by machine learning as 
supervised and unsupervised learning which includes 
various levels as document level, sentence level 
techniques of sentiment mining. On the other hand, 
polarity, degree of polarity, features [5], subjectivity 
[6], relationships identification [7], affect types [8], 
mood classification [9] and ordinal scales like giving 
ratings to reviews and products are used in some other 
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researches [10]. However, these are all different 
techniques towards the solution of same problem- 
sentiment analysis. 
 
III. LITERATURE COLLECTION 
 
A. Machine Learning Techniques  
Machine learning techniques are most useful 
techniques for the sentiment analysis for categorized 
document or sentences into positive, negative or neutral 
categories. Machine learning techniques classified into 
two basic techniques as defined below.  
1.) Supervised Machine Learning Techniques: 
Supervised machine learning techniques are used for 
classified document or sentences into finite set of class 
i.e into positive, negative and neutral. Training data set 
is available for all kind of classes. An optimal scenario 
will allow for the algorithm to correctly determine the 
class labels for unseen instances. This requires the 
learning algorithm to generalize from the training data 
to unseen situations in a "reasonable" way.[11]  
2.) Unsupervised Machine Learning Techniques: 
Unsupervised machine learning techniques don‟t use 
training data set for classification. Clustering 
algorithms like K-means clustering, Hierarchical 
clustering used to classify data into categories. 
Semantic Orientation also provides to generate accurate 
result for classification. Neural network can be also 
used for defining threshold values to the words and 
classify them based on the defined values. Point wise 
mutual information (PMI) is also one of the 
unsupervised classification methods for sentiment 
analysis.  
 
B. Natural Language Processing  
Natural language processing techniques play important 
role to get accurate sentiment analysis. NLP techniques 
like Beg of words, Hidden markov model, part of 
speech (POS), N-gram algorithms, large sentiment 

lexicon acquisition and parsing techniques are used to 
express opinion for document level, sentences level and 
aspect level. Large sentiment lexicon acquisition is 
used sentiment word dictionary which contains lot of 
sentiment words with their numeric threshold value for 
particular domain [12].  
 
C. Text Mining Techniques  
Text mining techniques are also useful for efficient 
automatic sentiment analysis for twitter messages. Text 
mining process divides into four stages. In this 
approach supervised machine learning algorithms are 
used for classification purpose. 
 
D. Techniques of Information Theory and Coding[13]  
The concept of mutual information (MI), TF-IDF and 
random process are also used for sentiment analysis 
and its classification.  
 
E. Semantic Approach [14]  
For sentence level and entity or aspect level sentiment 
analysis the semantic approach is really useful and 
gives efficient result. In this approach we can us 
ontology learning techniques or description logic (DL) 
for defining semantic rules and put them together in the 
knowledge base. Using the rules of ontology and/or DL 
we can attach semantic orientation to the sentences or 
to the entities for proper sentiment analysis. Contexts 
which are provided to the sentences or to the entities 
are more clear and accurate.  
 
F. Hybrid Approaches [15]  
We can combine any of the above approaches, 
techniques or methods as and when needed for efficient 
sentiment analysis. Some hybrid approaches are 
defined as below. 
On the basis of survey scenario here are some problem, 
approaches and their solutions:-  

 
 

TABLE-1 
ENLIST OF APPROACHS, METHOD, TECHNIQUES AND PROPOSED WORK 
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IV. PROPOSED WORK 
 
There are two major problems encounters in social 
media data processing.  

 First one is ambiguity of data which makes 
data abrupt. 

 Second one is data in social media is not 
organized in a structured way, it is basically 
unstructured. 

An expression whose meaning cannot be determined 
from its contexts is ambiguity. The interpretation of 
data gets difficult when the data is obscure in nature 
and data in most of the social media is indistinct. Due 
to this vagueness, ambiguity arises. So the 
interpretation of data is not up to the mark due to this 
ambiguity. 
In order to resolve the identified issues in the social 
networking data analysis a new model is proposed in 
this system. The proposed data model is based on the 
hybrid concept of graph theory and data mining 
techniques The proposed data model can be understood 
using the given figure 1. 
 

 
Fig.Proposed data model 

 
The proposed data model is given in figure 1 in this 
diagram the model training and the test dataset 
classification technique is simulated. Thus the entire 
data model development is performed in two major 
modules first training and then testing. In training first 
the system accept the training data samples on which 
the pre-processing is performed during pre-processing 
the stop words are removed from the input text and the 
significant text is remain from the training set. the word 
probability is majored in this measured from the text 
remain using the below given formula. 

 
Where the N is number of total words in text 
documents, in the similar ways the sentence formation 
probability is estimated from the text using the 
following formula. 

 
Where the M is the number of sentences in the text 
document after that the weights for the weighted graph 
is computed from both the probability  

 
Using the computed weights and the user feedback the 
correlation graph is developed in further steps and 
using these weighted graphs the classification rules are 
developed. These rules sets are consumed to identify 
the sentiments of the words involved in the micro-blog 
text.  

I.  
II. CONCLUSION 

 
Data mining is an application of data processing by 
which knowledgeable patterns and information is 
extracted. This extraction information is consumed 
using applications and real time systems for making 
decisions. This paper involved many approaches, 
techniques and methods. Some of these are Machine 
Learning Techniques, Natural Language Processing, 
Text Mining Techniques etc. Previous techniques and 
approaches are not suitable to find accuracy in 
opinions. While semantic approach is suitable for text 
in micro blogs, tweets and comments data on web. 
 
FUTURE SCOPE 
 
At this moment, the code can handle the analysis part 
with a very good accuracy. But there are a few areas 
which have a lot of scope in this aspect. Sarcastic 
comments are the ones which are very difficult to 
identify. Tweets, Posts and comments containing 
sarcastic comments give exactly opposite results owing 
to the mind set of the author. These are almost 
impossible to track. Also depending on the context in 
which a word is used, the interpretation changes. For 
ex: the word ‘unpredictable’ in ‘unpredictable plot’ in 
context of a land plot is negative whereas 
‘unpredictable plot’ in context of a movie’s plot is 
positive. So it’s important to relate the interpretation 
with the context of the tweets. Also the use of native 
language combined with English usage is difficult to 
interpret.  
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