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Abstract - This paper examines whether equity funds exercise the shareholders rights actively on behalf of investors as the 
fiduciaries. Using a unique dataset including 349,242 proxy voting events by equity fundsin Korean stock market, I provide 
the descriptive statistics of voting results such as pass, fail, not disclosed, or withdrawn by management and shareholders 
proposals. This paper also investigates how to affect firm performance depending on the extent of indirectly exercise proxy 
voting by equity funds. In addition, this paper analyzes the effect of business ties between asset management companies and 
related firms, especially within the chaebol. 
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I. INTRODUCTION 
 
While hedge funds have still attracted investors, their 
performance is not as strong as past. As one of 
alternative investment vehicles, hedge fund yield 
11.77% of annualized return from 1987 to 2013, 
which outperformed the returns of other traditional 
financial investments. However, the hedge fund 
return decreased to only 6.93% a year over the past 
decade. Such deterioration in performance has 
recently worsen, recording lower returns than the 
equity’s for five consecutive years since the financial 
crisis of 2008, whereas standard deviation.  The 
regulation strength for hedge funds after 2008 
financial crisis is also attributable to the recent 
dropping performance. As hedge funds were 
criticized one of causes of global financial crisis, the 
U.S. and EU enacted new regulations for hedge funds 
to augment macro-prudential supervision through 
reduction on systemic risk generated by them. New 
regulations require registration of all hedge funds and 
hedge fund advisers with $100 million or more in 
assets, and file systemic risk information including 
leverage, credit risk exposure, and investment 
position to the authorities. Hence, this new 
strengthened regulations are more likely to restrict a 
flexible asset allocation and unveil unique trading 
strategies, whichdiscolor an economic advantages in 
hedge funds.  
 
However, this downturn of hedge fund returns may 
not apply to all hedge funds strategies. Emerging 
markethedge funds (hereafter EMHFs) that focus on 
their investments in the securities of emerging market 
countries present somewhat different pattern of 
returns from other hedge funds. Over the past decade, 
EMHFs outperformed the global hedge funds and fell 
short of performance on equity index of S&P 500. It 
may be because global hedge funds alter their interest 
to emerging market from developed market confined 
with strengthened regulations. Characterized by less 
regulated and matured but high growth, EMHFshave 
been enough to provide new resources for the global 

investorsto generate returns. Cao and 
Jayasuriya(2011) indicate that emerging markets tend 
to be less correlated with developed markets and that 
the recent phenomenon of financial liberalization has 
facilitated foreign investor participation in many 
emerging markets. Thus, it is expected to have rather 
improved the performance of EMHFs, especially 
hedge funds that are invested in particular region 
among emerging markets in which the regulation on 
hedge funds is less rigid. Prior to investigation of 
performance decline in EMHFs, I develop an 
appropriate risk factor model. Although the previous 
literatures introduce a few models for hedge fund 
performance measurement, most are for typical hedge 
funds. Because the risk factors for hedge funds are 
more likely to be very various depending on fund 
strategies or invested asset classes, it is hard to derive 
a fitted model for a specific hedge fund to exactly 
estimate risk adjusted performance. Thereby, this 
study builds up the multi factor model suitable for 
EMHFs using Fung and Hsieh (2004), Sadka (2010), 
Avramov et al. (2012) for typical hedge funds, and 
Abugri and Dutta (2009) and Park (2015) for 
emerging market hedge funds. 
 
Performance of EMHFs is computed on an equally 
weighted portfolio and individual fund level because 
the changing of return patterns on EMHFs is likely to 
be influence as cross-section on entire emerging 
market but as time-series on individual fund. Even if 
performance of individual EMHFs provides valuable 
information to hedge fund investors, most previous 
literatures pay attention to performance of the entire 
market itself by using equally weighted portfolio or 
index return. I also examine characteristics such as 
incentive, capital flow restriction, and management 
fee of winner funds whose risk adjusted returns 
present statistically positive. Through extraction of 
characteristics of winner funds on region such as 
Asia, Eastern Europe, and Latin America, I intend to 
discover the reason of performance distinction on 
region. Beyond the analyses of characteristics on 
regional hedge funds, this study investigate the 
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relationship between performance and either flow or 
dynamic trading strategy to clarify possible reasons if 
the performance of EMHFs has made worse after 
structural breakpoint. I explore whether the 
performance deteriorate subsequent to capital inflow 
by individual fund level as well as equally weighted 
portfolio. I also employ leverage variable as 
representative among various dynamic trading 
strategies because data for individual funds whether 
the funds use short selling or derivatives are not 
readily available. EMHFs are divided into funds 
using leverage and not, or classified into three groups 
depending on magnitude of leverage, lower than 
100% of equity, 100~200% of equity, and higher than 
200% of equity. The remainder of the paper is 
organized as follows. Section 2 reviews related 
literature. Description on the data and research 
methodology are provided in Section 3. Section 4 
reports the estimation results and Section 5suggests 
some conclusions and policy implications. 
 
II. RELATED LITERATURE 
 
Thisdownturn in performance of hedge funds is 
somewhat foreseen by literatures. Zhong(2008) 
reports that the average risk adjusted returns of hedge 
funds decreased in the  decade between 1994 and 
2005. Naik et al. (2007) also document that hedge 
funds yield significant alphas over the last decade but 
the alphas severely declined during the periods. Fung 
et al. (2008) and Meligkotsidou and Vrontos (2008) 
identify structural breakpoints with market events and 
hedge fund return series, and present that the anterior 
alphas are higher than the posterior alphas. There are 
two explanations for this recent deterioration in 
performance of hedge funds, the reverse relationship 
between capital inflows and performance, and the 
detriment of unique characteristics resulting from 
regulation strength. Indeed, the assets under 
management (AUM) of hedge funds have rapidly 
grown from 2001 to 2013. Many researches including 
Agrawal et al.(2009), Fung et al. (2008), Naik at al. 
(2007) find that poor performance is followed by 
these large capital inflows due to the decreasing 
returns to scale. Zhong(2008) especially analyzes the 
impact of flows on future performance s on size and 
reveals that the performance in larger funds decline 
subsequent to capital inflows.They confirm such 
negative relationship between flows and following 
performance on hedge funds as Berk and Green 
(2004) does it for mutual funds.  Moreover, EMHFs 

are recently observed to actively use of dynamic 
trading strategies such as leverage, short selling, and 
derivatives. These strategies are taken into account as 
one among various resources to enhance returns for 
hedge funds, which is differentiated from mutual 
funds. In the past decades, these strategies were 
typically employed for the hedge funds in developed 
markets but limited for the funds in emerging markets 
due to the less developed nature of their financial 
markets. Eling and Faust (2010) note that there is 
some evidence that EMHFs have grown to use 
derivatives and short selling recently. Abugri and 
Dutta (2009) find that EMHFs display the 
performance pattern following advanced market 
hedge funds’ for the post-2006 period when EMHFs 
have begun to employ these dynamic trading 
strategies. The reverse relationship between flow and 
performance is also less likely to realize for EMHFs. 
Park (2015) explores a smart money effect of EMHFs 
and finds that the flow is positively associated with 
future performance for the funds operated in UK, 
HongKong, Singapore, and Caribbean countries. 
Actually, the previous literatures document mixed 
relationship between flow and future performance but 
significantly positive relationship between past 
performance and flow. 
 
III. DATA AND METHODOLOGY 
 
The sample for EMHFs are extracted from HFR, a 
database providing especially clear classification 
about the emerging market funds. HFR distinguishes 
the emerging market funds through a specific 
category of “in emerging markets” from entire hedge 
funds. EMHFs are divided into six groups on 
investment focused region, Asia excluding Japan 
(Asia), Russia and Eastern Europe (E. Europe), Latin 
America (L. America), Africa, Middle East Asia, and 
Multiples (Multiples). Africa and Middle East Asia 
funds are dropped due to the limited number of funds. 
The other three regional funds are also referred to 
focused funds comparing with multiple funds that 
widely invest in more than two regions. HFR also 
provides various fund characteristics such as fee 
structure, minimum investment amount, advanced 
period, lockup period, leverage ratio, hurdle rate, and 
whether or not a fund has a provision about high 
water mark or open to public. Sample period begins 
in January 1995 when the benchmarks for use to 
estimate risk adjusted returns are available and ends 
in December 2012.

  
Table 1: Characteristics of emerging market hedge funds 

  Focus 
Multiple 

 Asia E. Europe L. America  
Panel A. Returns      
N 24,849 12,331 9,578 46,758 21,158 
Mean 0.92 1.18 1.00 0.99 0.79 
Sd 5.33 7.77 5.21 5.77 3.94 
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Min -17.54 -28.28 -20.86 -28.28 -14.12 
Q1 -1.60 -2.25 -0.84 -1.54 -0.90 
Median 0.84 1.03 0.80 0.86 0.80 
Q3 3.62 4.95 2.79 3.73 2.64 
Max 19.72 30.10 22.05 30.10 14.82 
Panel B. Characteristics      
N 349 145 131 645 277 
Asset ($M) 80.46 93.95 70.98 81.23 173.62 
Management Fee(%) 1.62  1.85  1.75  1.70 1.67  
Incentive Fee(%) 18.30  17.96  18.50  18.27 18.00  
High Water Mark 0.92  0.85  0.92  0.91 0.91  
Hurdle 0.12  0.30  0.37  0.21 0.16  
Minimum investment ($M) 0.63 0.46 0.70 0.60 0.89 
Open to Public 0.93  0.84  0.88  0.90 0.92  
Advance period(days) 38.23  36.69  43.12  38.88 44.65  
Lockup period(month) 2.58  3.32  3.30  2.90 2.79  
Leverage 0.58  0.50  0.56  0.56 0.64  
Offshore 0.86  0.95  0.87  0.88 0.76  
Live 0.48  0.60  0.63  0.54 0.63  

 
Database for hedge funds are well known to hold 
several biases. Therefore, I exclude the first 12 
months of data and include data for dead fund as well 
as live to mitigate representative biases of hedge 
funds, backfill and survivorship. To be included in 
the sample, funds also have at least 24 monthly return 
observations to estimate performance in individual 
fund level and report net of fees returns viaUS dollar. 
Through this adjustment, sample consists of 902 
funds with 509 live from 1,542 emerging market 
hedge funds among 19,065 hedge funds.  
 
As shown in Table 1, sample consists of 277 multiple 
and 645 focus including 349 Asia, 145 Eastern 
Europe and 131 Latin America regional focused 
funds. Focus funds outperform multiple funds in the 
average and the mean of monthly raw returns. Among 
focus funds, Eastern Europe fund presents the highest 
return and volatility. In terms of fund characteristics, 
the multiple displays little different features of the 
focus except the size. That is, the focus receive higher 

incentive fee but higher hurdle rate in incentive 
structure, the multiple requires higher minimum 
investment amount but higher rate of open to public 
in cash inflow restriction, and the multiple imposes 
longer an advance period whereas the focus a lockup 
period in cash outflow restriction. Among focus 
funds, Latin America funds present the strongest 
incentive structure and the most rigid cash inflow 
outflow restriction with the smallest fund size. 
Meanwhile, monthly data on the risk factors are 
obtained from DataStream and the US Federal 
Reserve. MSCI equity indices and JP Morgan bond 
indices are used as the equity and the debt market 
proxy on region respectively. As hedge funds invest 
in various asset classes, the JP Morgan Trade 
Weighted Dollar index is used for proxy for the 
currency asset, the 1-month Eurodollar deposit index 
for the cash asset, and the gold fixing prices by 
LBMA (the London Bullion Market Association) for 
the commodities asset, consistent with Abugri and 
Dutta (2009). 

 
IV. RESULTS OF THE EMPIRICAL ANALYSIS 
 

Table 2: Factor models for emerging market hedge funds 
  Model 1 Model 2 Model 3 Model 4 Model 5 

 coe t coe t coe t coe t coe t 

mktrf(rmrf) 0.436  11.96*
** 0.417  11.66*

** 0.412  12.21*
**     

Size(SMB) 0.205  4.21**
* 0.221  4.71**

* 0.195  4.58**
* 0.041  1.39   

Bmkt 0.813  0.85 0.442  0.49 0.593  0.67 0.599  0.65   
Credit -2.458  -

2.34** -2.099  -
2.18** -1.304  -1.39 0.958  0.75   

BondTF -0.002  -0.12 -0.005  -0.36 0.001  0.08     CurrencyTF 0.006  0.69 0.007  0.7 0.005  0.55     CommodityT 0.008  0.59 0.007  0.53 0.011  0.79     
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F 
Liquidity   0.044  1.89*       

vix     -0.117  
-
2.69**
*     

default     1.009  2.45**     
EEM       0.413  17.91*

** 0.424  18.65*
** 

EEM1       0.084  3.54**
* 0.098  4.45**

* 
EEM2       0.007  0.5   BEM         0.043  0.63 
FX         0.268  2.15** 
Int         0.054  1.07 
com         -0.016  -0.76 

alpha(%) 0.704  2.32** 0.796  2.72**
* 0.461 1.15 0.552  3.19**

* 0.315  1.70* 

adj-r2 0.45 0.47 0.48 0.79 0.81 
(Jan 1995-July 2007)          
alpha(%) 0.876 2.41** 0.930 2.82**

* 0.654 0.88 0.677 3.04**
* 0.713 2.75**

* 
adj-r2 0.43  0.44  0.48  0.79  0.80  
(Aug 2007-Dec 2012)          alpha(%) 0.283 0.86 0.251 1.00 -0.091 -0.24 0.276 1.89* 0.551 2.33** 
adj-r2 0.65  0.67  0.69  0.91  0.93  

 
Using 902 samples during 1994-2012 from HFR database, I find that the risk adjusted returns of EMHFs overall 
deteriorate in the post-structural breakpoint like those of typical hedge funds. Most models for performance 
measurement present statistically significant positive alpha in pre-structural breakpoint but not in post-. It 
implies that the downturn trend in returns for overall hedge fund industry dominates the recently rising 
advantages for EMHFs such as employing dynamic trading strategies and less regulated financial environment.  

Table 3: Regressions of equally weighted portfolio returns of emerging market hedge funds on risk factors in regional specified 
models 

  Focus Multiple 

 Asia E. Europe L. America   
 Model 4 Model 5 Model 4 Model 5 Model 4 Model 5 Model 4 Model 4 
         
EEM 0.475  0.134  0.563  0.239  0.353  0.005  0.472  0.313  
 19.12*** 2.46** 10.52*** 3.53*** 10.52*** 0.09 20.25*** 13.46*** 
EEM1 0.041  0.043  0.212  0.172  0.059  0.056  0.098  0.095  
 2.2** 2.53** 5.23*** 4.63*** 2.34** 2.49** 5.54*** 5.42*** 
EEMR  0.309   0.288   0.369    
  6.9***  6.54***  7.28***   
BEM -0.154  0.025  0.080  -0.023  0.279  0.064  0.001 0.149  
 -3.4*** 0.39 0.82 -0.16 4.56*** 0.35 0.01 3.51*** 
BEMR  -0.129   0.069   0.031    
  -1.64  0.73  0.18   
FX -0.075  -0.003  0.740  0.795  0.300  0.095  0.277  0.203  
 -0.63 -0.02 2.86*** 3.4*** 1.85* 0.66 2.46** 1.8* 
INT 0.029  0.049  0.049  0.014  0.048  0.004  0.021  0.130  
 0.52 0.98 0.41 0.13 0.63 0.05 0.39 2.49** 
COM 0.020  0.057  -0.068  -0.045  0.021  -0.009  -0.004  -0.042  
 0.71 2.18** -1.14 -0.82 0.56 -0.27 -0.15 -1.61 
alpha 0.356 0.263 0.486 0.529 0.102 0.307 0.393 0.131 
 1.53 1.18 1.19 1.61 0.43 1.52 1.84* 0.83 
adj r2 0.76  0.81  0.55  0.64  0.64  0.73  0.80  0.71  
(Jan 1995-July 2007)       
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alpha 0.434  0.450 2.014  1.734 0.055  0.064  0.909  0.261  
 1.47 1.65 2.76*** 2.89*** 0.12 0.17 2.92*** 1.15 
adj r2 0.73  0.77  0.52  0.59  0.62  0.72  0.79  0.67  
(Aug 2007-Dec 2012)       
alpha 0.472  0.364 0.548  0.569 0.685  0.834 0.541  0.570  
 1.43 1.10 1.76* 1.98* 2.38** 3.23*** 2.00* 3.23*** 
adj r2 0.88  0.91  0.79  0.91  0.83  0.88  0.92  0.92  

 
However, the extent to which the performance of 
EMHFs declines is different depending on region and 
on model and estimation method to compute the risk 
adjusted returns. In new developed model with the 
highest explanation power for risk factors, the alpha 
is decreased to 0.55% in post-structural period from 
0.71% in pre-, but it is still significant at five percent 
level. Moreover, Latin America focused hedge fund 
and multiple hedge fund at portfolio level rather 
improve their performance in post-structural break 
period. At individual fund level, the proportion of 
hedge funds with significant positive alpha is 

increased to 31% in post- breakpoint to 17% in pre- 
for Latin America funds. On the other hand, Eastern 
Europe focused hedge fund presents severe 
deterioration of performance after structure break. I 
also find that the characteristics for winner funds are 
more likely to be different on region. That is, winner 
funds display higher high water mark for Asia 
focused funds, higher hurdle rate for Eastern Europe 
funds, larger minimum investment amounts for Latin 
America Funds, and longer advance periods for 
multiple funds. 

Table 4: Alpha distribution of the performance on individual hedge funds by regions 
  N Mean(%) Median(%) +(%) -(%) ++(%) --(%) 
Panel A: Model 4 
FOCUS 625 -0.152  0.151  57.92  42.08  10.40  8.48  
Asia 349 -0.275  0.076  54.73  45.27  8.60  8.60  
E. Europe 145 0.204  0.271  60.00  40.00  12.41  7.59  
L. America 131 -0.219  0.235  64.12  35.88  12.98  9.16  
MULTIPLE 277 0.147  0.211  62.09  37.91  18.77  5.42  
Panel B: Model 5 
Asia 349 -0.269  0.001  50.14  49.86  7.45  8.88  
E. Europe 145 0.192  0.397  64.14  35.86  17.93  8.28  
L. America 131 0.009  0.307  67.94  32.06  25.19  7.63  

Meanwhile, it is observed that EMHFs outperform their underlying benchmarks during sample periods, which is 
inconsistent with previous literatures. Except Avramov et al. (2010) model, four models display 0.32%~0.79% 
of alpha with significance at a portfolio level. The proportion of funds with positive risk adjusted returns at 
individual fund level is from 8.6% to 18.8% depending on region, consistent with Park (2015). I also find that 
capital inflow is not associated with poor performance in EMHFs, suggesting that flow is less likely to explain 
recent inferior returns. In addition, the performance is not related to the magnitude of leverage, implying that the 
employing of dynamic trading strategy does not play role to improve the performance. 

Table 5: Characteristics differences of have-alpha hedge funds 

 Regional comparison  Focus vs. Multiple 

  Asia E. 
Europe 

L. 
America F value  Focus Multiple T value 

N 26 26 33   65 52  
Asset ($M) 237.06 249.96 164.3 0.48  200.01 264.33 -0.93 
Management 
Fee(%) 1.50  1.95  1.79  7.31***  1.71  1.67  0.57 

Incentive Fee(%) 18.85  17.12  18.19  0.79  18.38  19.02  -0.93 
High Water Mark 0.96  0.77  0.88  2.38*  0.92  0.96  -0.87 
Hurdle 0.15  0.46  0.42  3.45**  0.23  0.17  0.76 
Minimum 
investment ($M) 0.38 0.18 1.50 4.48**  0.82 0.95 -0.38 

Open to Public 0.81  0.85  0.73  0.64  0.80  0.90  -1.55 
Advance 
period(days) 41.42  30.69  41.77  0.88  36.33  54.00  -1.98* 

Lockup 
period(month) 1.92  4.25  5.88  1.26  4.57  2.65  1.26 
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Leverage 0.50  0.54  0.53  0.04  0.54  0.58  -0.44 
Offshore 0.88  0.96  0.79  2.00  0.91  0.87  0.72 
Live 0.58  0.65  0.73  0.72  0.65  0.77  -1.45 

 
Consequently, the performance of EMHFs have 
deteriorated after structural break but the magnitude 
is not as much as typical hedge funds’ because the 
recently arising economic advantages for EMHFs 
somewhat work to generate the additional return.  
 
DISCUSSION 
 
This study contributes to the existing literature in that 
the downturn of performance in hedge funds is 
commonly observed, regardless strategy types 
including the emerging market funds that are recently 
able to enjoy the technics for improvement of 
performance. This study also provides an appropriate 
risk factor model for emerging market funds and 
suggests a structural break point for them. In addition, 
this study presents evidence of distinctive feature in 
performance on region and extracts characteristics of 
winner funds through a comprehensive analyses on 
regional funds. 
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