
International Journal of Management and Applied Science, ISSN: 2394-7926                                                 Volume-3, Issue-5, May-2017 
http://iraj.in 

Investigation of Determinants of Private Label Success 
 

57 

INVESTIGATION OF DETERMINANTS OF PRIVATE LABEL 
SUCCESS 

 
SANG-UK JUNG 

 
Hankuk University of Foreign Studies 

Email: sanguk.jung@hufs.ac.kr 
 

 
Abstract— Due to the growth of PLs, they have generated huge interests in the academic literature. Despite prior research, 
there is a lack of consistency among empirical findings for category determinants of private label market share and private 
label buyers’ demographics. To fill a gap in the literature, this research aims to draw empirical generalizations about key 
category-level determinants of private label market share, the characteristics of private label consumers and the competition 
within the category. Using the universe of retailing dataset with 523 subcategories, we found that PL performs better in the 
category with the following consumer characteristics: (1) older age; (2) more education; (3) larger number of family members; 
(4) less knowledge of product quality. Moreover, financial risk is adversely associated with PL market performance whereas 
the margin potential shows the positive relationship. 
 
Index Terms—Brand Competition, Empirical Generalization, Private Label, Product Category. 
 
I. INTRODUCTION 
 
Private label brands (hereafter, PLs), also known as 
store brands are defined as products sold under a 
retailer’s brand which is either its own name or a 
name created exclusively by that retailer (PLMA 
International, 2005). They differentiate the retailer 
through exclusive ownership and transform each 
retailer into a competitor of national brands (hereafter, 
NBs).  
Over the last two decades, there has been a worldwide 
surge in availability and market share of PLs in the 
consumer packaged goods industry. PL grocery 
products have a unit market share of 20 percent in the 
United States and they are among the top three brands 
in 70 percent of the categories (IRI 1998). Moreover, 
PLs seem to be growing in terms of share and their 
introduction into new categories. In a study covering 
225 categories, Hoch, Montgomery, and Park (2003) 
find that PLs gain share in 86 percent of these 
categories between 1987 and 1994. Another study uses 
a data with 13 categories and 122 retailers show that 
the number of PLs increased between 1993 and 1995 
(Sayman and Raju 2004).   
 
II. MOTIVATION 
 
Due to the growth of PLs, they have generated huge 
interests in the academic literature. Researches on PL 
have focused on studying five major areas: (1) The 
role of PLs: why do retailers introduce PLs? The 
explanations include gaining higher margins from 
PLs, reaching the price sensitive consumer segment, 
increasing store loyalty, and attaining better terms of 
trade from NB manufacturers. (2) Characteristics and 
profitability PL buyers to the retailers (3) The 
relationship among PL and NB prices and demands, 
strategic interaction among the manufacturer and the 

retailer, the nature of competition between PLs and 
NBs (4) The retailer’s decision on positioning PL (5) 
Drivers of PL success in terms of product category 
(Sayman and Raju 2007). The main goal of this study 
is to examine the effects of category determinants, the 
characteristics of PL buyers and the competition on PL 
success in an integrated model. 
 
There is a lack of consistency among empirical 
findings for category determinants of private label 
market share and private label buyers’ demographics. 
For example, Dhar and Hoch (1997) find that the price 
gap between PL and NBs positively affects the PL 
market share whereas the exact opposite empirical 
result is reported in Ailawadi, Pauwels, and E.M. 
Steenkamp (2008). Age and education of consumers 
are another example where no consensus has been 
made in the literature (Sethuraman and Cole 1999). 
To fill a gap in the literature, my research aims to draw 
empirical generalizations about key category-level 
determinants of private label market share, the 
characteristics of private label consumers and the 
competition within the category. 
The important distinction between the prior studies 
and this study is that while each stream of research has 
conducted separately, I integrate previous research on 
category determinants of private label performance, 
the demographic or socioeconomic characteristics of 
private label buyers, and the effects of competition in 
the category in a single empirical analysis. This 
approach allows me to make inferences on the effects 
of three factors on the PL success in an integrated and 
comprehensive manner. 
 
III. CONCEPTURAL FRAMEWORK 
 
In figure1, I provide an overview of the conceptual 
framework. The framework is developed based on 
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three pillars: consumer demographics, category 
characteristics, and competition. Figure 1 proposes 
that the PL market performance is affected by the 
consumer- and category-specific characteristics, and 
the level of competition. All of three factors influence 
the market performance of PL directly. I build the 
market performance as the construct composed of the 
market share of PL in the category in terms of volume 
and dollar. The structural equation model is estimated 
through the solid lines. 
There are 10 constructs categorized in each of three 
factors. Constructs of age, education, family size, 
knowledge about the product quality, and income are 
included in consumer characteristics. Category 
determinants consist of financial risk, margin 
potential, and price gap between NBs and PL. For the 
level of competition in the category, I have the 
brand-level concentration, and the two types of 
competition: competition among NBs; competition 
between NB and PL. I specify the directional 
hypotheses of 10 constructs based on both theoretical 
and empirical supports from the prior research. Two 
common theories that researchers have used in PL 
literature are the perceived risk and price sensitivity.  
Much research has examined the role of the level of 
perceived risk in the category in PL purchases 
(Richardson, Jain, and Dick 1996). Performance, 
financial, or social criteria are seen as proxy of the 
perceived risk (Dunn, Murphy, and Skelly 1986). In 
the line with the perceived risk literature, Narasimhan 
and Wilcox (1998) find that consumers purchase more 
NBs than PLs in the category where they perceive high 
level of risk in buying PLs. In addition, Batra and 
Sinha (2000) demonstrate the determinants of 
perceived risks associated to the category and their 
roles on consumers’ proneness to buy. In the spirit of 
their studies, I formulate the constructs of age, 
education, product knowledge, and financial risk to 
develop hypotheses about them in the study.  
On the other hand, another stream of research 
attempts to show that PL consumers are price 
sensitive. Sethuraman and Cole (1999) empirically 
show that consumer with higher income and more 
family members tend to be more “willing to pay a price 
premium for NBs”. Moreover, Ailawadi, Neslin, and 
Gedenk (2001) develop an extensive framework 
explaining how consumer demographics not only 
influence PL usage directly but also affect consumer 
behavior through consumer psychographics such as 
price consciousness. Their empirical findings suggest 
that consumers with higher per capita income are less 
price conscious, which in turn, makes them less likely 
to purchase PLs. Another interesting research by 
Lamey, Deleersnyder, Dekimpe, and E.M. Steenkamp 
(2007) studies the change in PL success in response to 
the business cycle. Conventional wisdom is confirmed 
that PL tends to perform better in economic down turn 

whereas it suffers in the boom. Based on a collection of 
research supporting to the fact that PL consumers are 
price sensitive, I hypothesize the direction effects of 
family size, income, price gap between NBs and PL, 
concentration, and two types of competition constructs 
on PL market performance. The expected sign of 
coefficients for 10 constructs are summarized in Table 
1.  
Consumer age is relevant to the PL market 
performance because different age group shows 
different purchase patterns. Older consumers tend to 
utilize their extensive knowledge and experience 
(Yoon, Cole, Lee 2009). Because they exhibit higher 
degree of product familiarity than younger consumers, 
I expect age and the market performance of PL to be 
positively associated. 
Consumer education is relevant because more 
educated consumers tend to have less financial 
constraints and better informed about the product 
attributes (Ailawadi, Neslin, and Gedenk 2001; 
Sethuraman and Cole 1999). As a result, educated 
consumer perceived less risk to purchase PL than 
consumer groups with lower education level. Hence, I 
expect the effect of education to be positive.  
Family size is relevant because the fixed income is 
divided into the number of family members. That is, 
all other things being equal, larger families should be 
more price sensitive (Hoch 1996). Thus, I expect the 
family size and PL market share to be positively 
related.  
Consumers with high income tend to be less price 
conscious and have less financial constraints 
(Ailawadi, Neslin, Gedenk 2001; Sethuraman and 
Cole 1999). Hence, the overall effect of income on the 
market performance of PL is expected to be negative.  
Much research has examined the role of the level of 
perceived risk in the category in PL purchases 
(Richardson, Jain, and Dick 1996). Performance, 
financial, or social criteria are seen as proxy of the 
perceived risk (Dunn, Murphy, and Skelly 1986). 
Using the perceived risk literature, Narasimhan and 
Wilcox (1998) say that consumers purchase more NBs 
than PLs in the category where they perceive high 
level of risk in buying PLs. Batra and Sinha (2000) 
argue the quality variability in a category is the 
determinant of perceived risk in the category. 
However, I posit in this study to use the financial 
measures such as dollars per purchase occasion and 
dollars per buyer as the determinants of the perceived 
risk in the category. Following Narasimhan and 
Wilcox (1998), the financial risk is expected to be 
negatively associated with PL market performance.  
PLs contribute higher percentage of retail margins 
than NBs. Moreover, higher PL market share in the 
category enable retailers higher percentage margin on 
NBs (Ailawadi and Harlam 2004). Consequently, 
retailer might put more marketing efforts on PLs in 
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the category with more margin potential. Thus, I 
expect the margin potential influence the PL market 
performance positively.  
According to basic economic theory,  the bigger price 
gap between NBs and PL, the higher is PL market 
share within a category since consumers have more 
incentives to switch from NBs to PLs. However, there 
are mixed evidence on the directional effect of relative 
price (e.g. Ailawadi, Pauwel, and E.M. Steenkamp 
2008; Raju, Sethuraman, and Dhar 1995a). These 
studies argue the counterintuitive result stems from 
the different cross-price sensitivity between NBs and 
PL across categories. I notice the number of product 
categories used in these researches is small. In this 
study, the price information of consumer packaged 
goods over 625 categories is used. With the large 
number of categories, I expect the positive 
relationship between the price gap between NBs and 
PL in support of the basic economic theory.  
By definition, product quality is an important aspect of 
purchase decisions for quality-conscious consumers. 
Some previous studies claim that PLs are perceived as 
inferior to the NBs which keep consumers from using 
PL (e.g. Richardson, Dick, and Jain 1994). Therefore, 
I expect the effect of the knowledge about the product 
quality to be negative on PL market performance. 
Manufacture market power increases with the level of 
concentration of NB manufacturers (Sherer and Ross 
1990). Ailawadi and Harlam (2004) show the negative 
relationship between retail margins on NBs and 
Herfindahl index, a well-established measure of 
manufacturer concentration. In other words, growing 
power of manufactures increases the wholesale price 
of NBs while keeps the retail price low. It induces 
retailers to reduce prices on PL in order to keep the 
price differential with NBs. Overall, I expect the 
Herfindahl index to be negatively associated with PL 
market performance.  
 
Two types of competition  Raju, Sethuraman, and 
Dhar (1995b) use an analytical model to study the 
optimal solution for the PL introduction. They find 
that retailers have the maximum profits by 
introducing PL in categories in which consumers tend 
to switch from NBs to PLs due to lower price. 
However, it might not be retailers’ best interest to 
introduce PLs in the categories where the price 
competition among NBs is high. Intense competition 
among NBs leads to the low average price of NBs, 
which in turn would limit the margins from PLs. 
Following Raju, Sethuraman, and Dhar (1995b), I 
expect the competition between the NBs and PL is 
positively associated with PL market performance 
whereas the negative relationship is expected for the 
competition among NBs.                       
 

IV. METHOD 
 
Besides a comprehensive framework, it is worth 
mentioning the scope and breadth of my data. This 
study makes use of much larger dataset than extant 
empirical studies in the PL literature. For example, 
Ailawadi, Pauwels, and E.M. Steenkamp (2008) 
conduct the empirical analysis of the reciprocal 
relationship between store-brand market share and 
store loyalty on the dataset of 63 categories with 7648 
brands. My original dataset, extracted from the 
Consumer Knowledge Suit by Information Resource 
Inc. (IRI), contains 11,242 brands in 685 CPG 
categories sold in the United States. Of the product 
categories, 524 categories contain PL. Brands are 
classified into 8 departments (i.e. bakery, deli, dairy, 
edible grocery, frozen foods, general merchandise, 
health and beauty, non-edible grocery). Each 
department is divided into categories, which are 
further subdivided into subcategories. For instance, 
“crackers” is the category within the edible grocery 
department which has the subcategories ranging from 
graham crackers to saltine crackers. In this study, the 
unit of analysis is the subcategory. The final dataset is 
created as follows: First, I collected consumer 
characteristics, marketing mix, and category 
characteristics data from Consumer Knowledge Suit. 
Then, subcategories where no PL exists are removed. 
The final data contains 523 subcategories. Descriptive 
statistics of reflective indicators and the distribution of 
PL market performance are illustrated in Table 2 and 
Figure 2, respectively. 
Each demographic variable is defined as the volume 
index, the ratio of the percentage of volume purchased 
by the specified demographic break to the percentage 
of sample households within the demographic break. 
The volume index is written as the following: 

(% of volume purchased within the demographic 
break)/(% of the sample households within the 
demographic break)×100 
The volume index terms provide insights into the 
distribution of subcategory volumes sales by various 
demographic breaks. A high value of volume index 
suggests that the large portion of volume sales is 
purchased by households within the particular 
demographic break. For instance, an index of 115 or 
greater would indicate that significantly more volume 
is purchased by the sample households than by general 
population. An index below 85 would say that the 
demographic segment buys significantly less.  
Five constructs of the consumer characteristics are 
measured reflectively by volume indices of 
demographic variables. Age construct is measured by 
the volume indices of Female Head of Household with 
Age over 55 and the Male Head of Household with 
Age over 55. Similarly, Female Head of Household 
with College degree and Male of Household with 
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College degree are used as reflective indicators of the 
education construct. For Family size, I choose volume 
indices of Household Size of 4 and Household Size of 
more than 5 to assess the construct. Income construct 
is gauged by the Getting By volume index and annual 
Household Income less than $20,000. Getting By 
volume index is one of the measures for the affluence, 
which is the combination of one member household 
with less than $20,000 or more than a household with 
more than two family members with income less than 
$35,000. Knowledge about the product quality is 
measured by the Percentage of Households Repeating, 
the percent of population households that purchased 
the subcategory 2 or more times. The reason of 
assessing the construct using the Percentage of 
Households Repeating is that consumer gain more 
experiences from the repeat usages, and consequently 
become more knowledgeable about the product 
quality. 
Three constructs of category determinants are 
measured as follows: For the financial risk, Dollars 
per Purchase Occasion and Dollars per Buyer are used 
since the consequences of the purchase and making 
mistakes from the purchase increases with the amount 
of dollar paid for each of purchase occasions and 
buyers; Marginal potential is gauged by Dollars per 
1,000 Households weighted by the size of category in 
terms of dollar and volume; the Price gap between NB 
and PL are measured by the price differential between 
weighted average price of NBs and PL.  
Regarding the competition, the concentration 
construct is measured by the Herfindahl index using 
the dollar/volume market shares. Competition among 
NBs is assessed by the Percentage of Volume sold on 
Any Deal for NBs whereas the Percentage of Volume 
sold on Any Deal for PL gauges the competition 
between NB and PL. 
The base model and the proposed model are depicted 
in Figure 3 and Figure 4. The proposed model is 
developed based on the hypothesis regarding varying 
effect of competition in the category on PL’s price 
advantage by the type of competition. That is, the level 
of competition among NBs negatively affects the price 
advantage of PL while the price differential is 
positively influenced by the competition between NBs 
and PL. Similar to the competition among NBs, 
concentration is also expected to have a negative 
impact on PL’s price advantage. All the constructs in 
the model are specified by reflective indicators 
(Fornell, Rhee, and Yi 1991).  
Prior to fitting the model, we need to assess reliability 
of the indicators and validity of latent constructs. 
Cronbach’s alpha measures the reliability of a set of 
indicators, that is, it measures the degree to which 
indicators consistently measure the same construct. By 
the rule of thumb, Cronbach’s alpha higher than 0.7 is 
acceptable. In Table 3, all the constructs show good 

reliability. Notice that Knowledge about Product 
Quality, Competition among NBs, and Competition 
between NB and PL have values of one since these 
constructs are measured by one indicator. For 
discriminant validity, Fornell-Larcker Criterion is 
used. To test discriminant validity, cross-correlation 
matrix with the diagonal element being the square 
root of AVE is constructed. In Table 4, we can see that 
the square root of AVE for each latent variable is 
greater than all the other correlations in the same rows 
and columns for that AVE. Hence, the requirement is 
met. 
 
V. RESULTS AND DISCUSSION 
 
Using a PLS software, smartPLS, two models are 
estimated through bootstrapping method. I run 1,000 
iterations with the number of cases set to 524, the 
number of original data set. Estimates of model 
coefficients are given in Table 4. In the base model, PL 
performs better in the category with the following 
consumer characteristics: (1) older age; (2) more 
education; (3) larger number of family members; (4) 
less knowledge of product quality. Moreover, financial 
risk is adversely associated with PL market 
performance whereas the margin potential shows the 
positive relationship. For the competition, the 
coefficient of estimate for the concentrative is 
negative, indicating that PL does not gain much 
market share in the categories in which there exists a 
few dominant players. Results from the base model 
suggest couple of problems. First, the estimates of two 
types of competition are not significant. The second 
problem lies on the fact that the sign of estimates for 
the Knowledge about product quality is against my 
hypothesis. To tackle these limitations, I modify the 
model which incorporates the mediating role of price 
differential into the model. That is, since our 
theoretical background of the arguments on two types 
of competition constructs and concentration is based 
on the price advantage of PL, I alter the model in 
accordance with the theory by including the price 
differential construct as a mediator of constructs for 
the competition.  
 
Estimates of the constructs for the consumer 
characteristic and category determinant remain the 
same. However, compared to the base model, the sign 
of coefficient for the competition between NB and PL 
becomes positive, which is congruent with the 
hypothesis. 
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Figure 1. Conceptual Framework 

 
 

Figure2. Distribution of the raw data for PL 
Volume 

 
 

Table 1. Descriptive Statistics 
variable N Mean  S.D. 

Female 
HHH Age 
over 55 

523 90.966 30.580 

Male HHH 
Age over 55 523 95.977 31.323 

Education    
Female 
HHH 
College 
Graduate 

523 97.481 16.371 

Male HHH 
College 
Graduate 

523 98.662 16.209 

Family Size    
HH Size of 4 523 120.725 28.637 
HH Size of 
over 5 523 134.233 43.483 

Knowledge 
of Product 
Quality 

   

% HHs 
Repeating 523 0.218 0.208 

Income    
Getting By 523 96.482 15.144 
HH Income 
less than 
$19,999 

523 85.339 18.829 

HHI  523 0.108 0.131 
Competitio 523 0.117 0.139 
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n among 
NBs 
Depth of 
Promotion 523 0.221 0.048 

Table2. Cronbach’s alpha and AVE of the proposed model 
 

 Cronbach’s 
alpha AVE Composite 

Reliability 
Age 0.9893 0.9894 0.9947 
Education 0.9148 0.9001 0.9473 
Family Size 0.9117 0.9181 0.9573 
Knowledge of 
Product 
Quality 

1 1 1 

Income 0.924 0.9284 0.9629 
Financial 
Risk 0.7795 0.8141 0.8974 

Concentratio
n 0.9695 0.5676 0.7196 

Margin 
potential 0.9989 0.9989 0.9994 

Competition 
among NBs 1 1 1 

Competition 
between NB 
and PL 

1 1 1 

Price 
Difference 0.8613 0.8775 0.9348 

PL Market 
Performance 0.9802 0.9806 0.9902 

 
Table3. Estimated Model Effects 

 Base Model Proposed Model 
 DV: PL Market 

Performance 
DV: PL Market 

Performance 

Age 0.2628 
(2.3147)** 

0.169 
(1.6339)* 

Education 0.1168 (1.5422)* 0.1464 
(1.9617)** 

Family Size 0.1514 (1.4756)* 0.0711 
(0.8392) 

Knowledge 
of Product 
Quality 

-0.2311 
(2.1699)** 

-0.1605 
(1.5197)* 

Income 0.1145 (1.4299)* 0.1526 
(2.0069)** 

Financial 
Risk 

-0.1687 
(2.3148)** 

-0.162 
(2.5454)*** 

Concentratio
n 

-0.2279 
(6.4179)*** 

0.0351 
(1.4403)* 

Margin 
potential 

0.4208 
(4.0128)*** 

0.4071 
(4.2141)*** 

Competition 
among NBs 0.0368 (0.6581) -0.0074 

(0.8328) 
Competition 
between NB 
and PL 

-0.0078 (0.3141) 0.0112 
(2.2633)** 

Price 
Difference 

0.1087 
(3.3683)*** 

0.1021 
(3.0197)*** 

PL Market 
Performance 0.1087 (3.3683)*** 0.0351 

(1.4403)* 
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