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Abstract— Privacy preserving data publishing is one of the techniques which implement privacy on the collected large scale 
of data. For personal identification, data includes information and therefore publishing such data to third party or agencies 
may incur privacy threats, which include medical data. This thesis proposes a technique for applying privacy on data by 
using a method of overlapping slicing for handling high dimensional data. Many anonymization techniques were designed 
for privacy preservation to publish data. Data Publication has shown that generalization losses lot of information. For large 
scale of data, Bucketization does not prevent membership disclosure. This research partitions the attribute into more than one 
column in such a way that it can protect privacy by breaking association of uncorrelated data and preserve data utility. 
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I. INTRODUCTION 
 
The digital information collection made by public 
sectors, corporations, and individuals has created 
excellent opportunities for knowledge-based decision 
making. To exchange and publish data among various 
parties, there is a need to make by common benefits 
or by convention that require certain data to be 
published. For example, after discharging patients 
from licensed hospitals in California they are required 
to submit specific demographic data. Data contains 
sensitive data about persons and publishing such data 
immediately breaches the individual privacy. 
Sensitive information about the person and publishing 
such data immediately violates individual privacy to 
get detailed person-specific data. The current trends 
primarily depend on the rules and regulations to limit 
the types of publishable information and on 
agreements on utilize and storage of sensitive 
information. Contracts and agreements cannot offer 
assurance that sensitive data will not be carelessly 
misplaced and finish up in the incorrect hands. A job 
is to build up techniques and tools for publishing data 
in a more antagonistic environment, so that the 
published data remains almost useful while person’s 
privacy is preserved. This activity is called privacy-
preserving data publishing (PPDP)[1]. In the earlier 
days, investigate communities have responded to this 
challenge and planned many approaches. In this 
project the slicing [2] approach is used to preserve the 
privacy. 
In the information compilation stage, the data 
publisher gathers the information from record owners  
 
(e.g., Alice and Bob). After collecting data, the data 
publisher released that data to public or data miner 
called the data recipient .Data miner perform data 
mining operation on that data. For example, In 
hospital data is gathered from patients and patient 
histories publish to medical center. . In this example, 

the hospital is the data publisher, patients are record 
owners, and the medical center is the data recipient. 
The data mining operations performed at the medical 
center could be anything from a small count of the 
number of women with diabetes to a sophisticated 
cluster investigation. We have to preserve the 
confidentiality of sensitive data. 
 
1.1 Privacy-Preserving Data Publishing 

 
Fig 1.Data collection and publication 

 
II. LITERATURE SURVEY                     
 
For preserving privacy the removal of sensitive 
attributes from micro data is not enough. Small 
numbers of solutions are proposed in the literature to 
guard against the information   linkage. Privacy model 
called K anonymity [3] which is used with 
generalization. There is need in K anonymity model 
that each record should be identical at least k-1 record 
from other record. To anonymize data, K anonymity 

was the first privacy model used. K anonymity 
safeguards against identity disclosure.  K anonymity 
does not work with attribute disclosure.  K anonymity 
privacy model has some problems against 
homogeneity attack and background knowledge 
attack. Bucketization does not protect for membership 
disclosure risk. As per bucketization there should not 
be differentiate between quasi identifier and sensitive 
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attribute.  For data anonymization, slicing technique 
has been proposed in 2012 which works for high 
dimensional data and also protect from membership 
disclosure risk. In slicing techniques, correlation 
privacy violation may happen due to high attribute. 
To prevent membership disclosure Data slicing 
techniques can also be used. Data slicing techniques 
can also be used for efficient large amount of data 
and preserves better usefulness of data. In 2007 N. Li 
proposed new privacy measure called T closeness.  T 
Li has proved in 2007 that T closeness can be used 
with anonymization techniques. Identity disclosure is 
prevented in k-anonymity privacy model. But 
attribute disclosure is not supported in k-anonymity. 
For solving this problem new technique is introduce 
that called as l-diversity. In l-diversity technique, 
each eq. class has minimum l value for each sensitive 
attribute. But l-diversity technique has some 
limitations. 

 
Fig 2.Anonymization process 

 
III. PROBLEM STATEMENT 
 
Today Privacy preserving in data publication 
becomes a difficulty. There is risk of information 
disclosure, when data get published to any agencies 
or third party. During attribute partitioning, sensitive 
attributes are grouped together into single column so 
that privacy get violates in generalization and 
bucketization and also exits less correlation between 
them. Therefore, to overcome from this problem an 
algorithm Overlapping slicing is used. In overlapping 
slicing, duplication of attributes is done in more than 
one column. Due to duplication of attributes, it is 
easy to get more correlation among the attributes. 
 
IV. IMPLEMENTATION 
 
The implementation of slicing is done in such way 
that breaks the association of cross columns and 
preserves the association within each column. As 
compared to generalization and bucketization, in 
slicing size of the data is decreased and usefulness of 
data is preserved. In slicing technique, highly 
correlated attributes are grouped together into single 
column so that it preserves the utility of data and also 
maintain the correlations among such attributes. 
Slicing technique breaks the associations between 
uncorrelated attributes so that confidentiality and 
privacy of information within data is preserved. Next 

step is overlapping slicing in which attributes are 
duplicating in more than one column. 

 
Fig 3.System Architecture 

 
4.1 Attribute Partitioning 
In attribute Partitioning, attributes are divided in such 
way that highly correlated attributes are in same 
column. Privacy preservation and data utility is done 
in this method. Highly correlated attributes are 
grouped together in same column and maintaining the 
correlations between the attributes so that data utility 
is done. The association of uncorrelated attributes in 
data privacy represents higher recognition risks than 
the association of highly correlated attributes due to 
the associations of uncorrelated attribute values is 
much less frequent and thus more identifiable. 
 
4.2 Tuple Partitioning 
In the tuple partitioning algorithm takes two phases. 
In the first phase tuples are partitioned into buckets. 
The tuple partition algorithm is defined by modifying 
the Mondrian algorithm. In the phase two slicing 
algorithm is modified to achieve the random 
permutation with one bucket to another bucket. The 
tuple partition algorithm uses two data structures one 
for queue of buckets Q in the table and another for 
slicing bucket. Initially Q contains the table and SB is 
null then for each iteration the first two buckets (B1, 
B2) are removed from Q and then splits each buckets 
into four sub buckets 
 
4.3 Column Generalization 
For identity / membership disclosure protection, 
column generalization is necessary. A row with this 
unique column value can only have one matching 
bucket when a column value is unique in a column. 
This technique is not good in the case of 
generalization/bucketization for privacy protection 
where each row can fit to only one similarity- 
class/bucket. 
 
4.4 Sliced Data 
Slicing technique easily handle the large amount of 
data. By dividing the attributes into columns attribute 
into column slicing reduces size of data. Each column 
of the table can be observed as a sub-table with a 
lesser dimensionality. Slicing is also dissimilar from 
the method of publishing multiple independent sub-
tables in that these sub-tables are related by the 
buckets in slicing. 
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4.5 Overlapped slicing 
In overlapping slicing, attributes are duplicated into 
more than one column. Attribute correlation exit in 
overlapping slicing. For example, in Table, one could 
choose to include the Disease attribute also in the first 
column. That is, the two columns are age; Sex; 
Disease and Zip code; Disease. This could gives 
better data utility. 
 
V. RESULTS 
 
a)Homepage 
The concept of hiding individuals detail has been 
implemented and results are shown below. The 
proposed paper is implemented in Java technology on 
a Pentium-IV PC with minimum 20 GB hard-disk and 
1GB RAM. The propose paper’s concepts shows 
efficient results and has been efficiently tested on 
different Datasets.   The home page describe the how 
the individuals privacy get disclosed and patient 
login, admin login is there. 
 

 
 
b) Patient registration and login: 
 Here patient can register his detail. When patient 
login ,he can view individual detail 
 

 

 
 
Before publishing this data for analysis the some 
techniques are applied so that data should be secured 
 
c) Original data 
This contains all the detailed information of patient. It 
includes name, zipcode, sex,age ,disease etc 
publishing such data violates the privacy of patient. 
 

 
 
d)Genralizaion 
In generalization, the age is replaced with boundary 
value so that it difficult to get perfect age of a person 
and privacy is preserved. 
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5)bucketization 
In this created the buckets such that 20-25 age group 
of people in one group,25-30 in another group .In one 
bucket , the sensitive column attribute ,here is disease 
is randomly permuted in one bucket 
 

 
 
 
 

e)Slicing 
In slicing, two highly correlated attribute are grouped 
together in one column here age and sex are in one 
column so that privacy of data is preserved. 
 

 
 
CONCLUSION 
 
The drawbacks of generalization and bucketization            
can be reduced in Slicing and overlapping slicing 
technique. Overlap-slicing has the potential to hold 
large amount of information. In overlap-slicing, the 
size of data is reduced by partitioning attribute into 
column. It conserves the data usefulness while 
protecting against privacy threats. In table, each 
column can be referred as sub-table with a lower 
dimensionality.  Overlap-slicing is also different from 
the approach of publishing multiple independent sub-
tables in that these sub-tables are linked by the 
buckets in overlap slicing. Overlap-slicing can be 
used without such a separation of Quasi Identifiers 
attribute and sensitive attribute. 
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