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Abstract: Content Based Image Retrieval (CBIR) techniques appeared in 1990s. It uses low-level features like color, texture 
and shape to describe image content, and breaks through the limitation of traditional text query technique.  This project we 
are proposes an image retrieval from the content management system (CMS), method based on color-feature and texture-
feature similarity score. Many methods can be used to describe color feature. In this project we will use color moment 
method because it is the lowest feature vector dimensions and lower computational complexity. HSV/HSB color space is 
describes a specific color by its hue, saturation, and values/ brightness. For the similarity measurement the first order mean, 
the second standard deviation, and the third skewness color moments have been provided to be efficient and effective in 
representing color distribution of images.  
In this paper, the retrieval results from color feature and texture feature are analyzed, furthermore texture can be through as 
repeated patterns of pixel over a spatial domain. Since there is no mathematical definition for texture, many different 
methods are proposed for computing texture. Here we are used different distance based similarity measurement methods are 
proposed, before we are doing texture features apply Ranklet transform can be calculated at different resolutions using Haar 
wavelet supports. 
 
Keywords— Content Based Image Retrieval (CBIR), Hue, Saturation, and Values (HSV), Hue, Saturation, and brightness 
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I. INTRODUCTION 
 
Now a day, people are interested using digital images. 
So the sizes of the images in database are increasing 
enormously. Lot of efforts need to pay to find images 
in the database. There is a large or important need for 
developing an efficient technique for finding the 
images. Hence, content based image retrieval (CBIR) 
has been an active research topic in the last decade. 
CBIR usually index images by low level visual 
features such as color, texture and shape. The 
important task of CBIR is extraction of good visual 
features which represents a query image.  
 
Color is one of the most reliable used low level visual 
features and is invariant to image size and orientation. 
The use of low level visual features is to retrieve 
relevant information from the image databases. The 
MPEG-7 consists of number of histogram descriptors 
and seven color dominant color descriptor [1]. It 
consists of 1.Color Space, 2.Color Quantization, 3. 
Dominant Colors, 4.Scalable Color Histogram, 
5.Color Structure, 6.Color Layout and 7.Group of 
Pictures (GOP) structure Color. The dominant colors 
are used to decrease or reduce the quality of image 
content. In this paper, we will implement an effective 
representative color quantization algorithm and 
improve the similarity measure for Dominant Color 
Descriptors (DCD). The DCD contains two main 
components, they are  
 
1.   Representative colors and  

2.   Their percentages in the image or region.  
 
Texture is an important visual feature that has been 
intensively studied in the pattern recognition. It refers 
the surface properties of an object and their 
relationship to the surrounding areas. Texture consists 
of few basic primitives, and also describes the 
structural arrangement of a region and the 
relationship of the surrounding regions.  
The concept of relating similarity is made by 
examining the type of queries that are users to use 
when retrieving images from the image databases. 
 

 
Fig.1. Block diagram of CBIR system. 

 
Content-based image retrieval systems are becomes a 
reliable tool for many image database applications. 
There are several advantages of image retrieval 
techniques compared to other simple retrieval 
approaches such as text based retrieval techniques 
[2]. CBIR provides a solution for many types of 
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images a large collection of images is referred to as 
image database (Image Information Management 
Systems). An image database is the system where 
image data are integrated and stored. Image data 
include raw images and information extracted from 
images by automated or computer assisted image 
analysis. Such as Avionics, Aerospace, Automobile, 
Geo Informatics, Process Industries, Telecom and Hi-
Tech divisions, Medical Imagery, Criminology, and 
Satellite Technologies, etc.., 
 
II. EXTRACTION TECHNIQUE FOR COLOR 
FEATURE 
 
To generate the dominant colors from the pictures or 
images, uses the Color Quantization has to be pre-
determined. The colors of the pictures or images are 
very common to use the modified generalized Lloyd 
algorithm or fast color quantization algorithm with 
clusters merging. And then a small number of 
representative colors and their percentages of the 
pictures or images can be obtained. For simplicity 
without loss of generality the RGB color space is 
used. The RGB color space consists of three primary 
color components R(Red), G(Green) and B(Blue).  
Then those dominant features are extracted by 
Similarity measures, those retrieval stores these 
features vectors, calculate the similarity between the 
combined features vector of the query image and that 
of each target image in the image database and 
retrieves the number of most similar target images. 
Color is the sensation caused by the light as it 
interacts with our eyes and brain. Color features are 
the fundamental characteristics of the content of 
images. Human eyes are sensitive to colors, and color 
features enable human to distinguish between objects 
in the images. Colors are used in the image 
processing because they provide powerful descriptors 
that can be used to identify and extract the objects 
from a scene. Color features provide sometimes 
effective information about the images, and they are 
very useful for the image retrieval. Many methods 
can be used to describe color feature. There are 
1.Color Histogram, 2.Color Correlation, 3.Color 
Moments, 4.Color Structure Descriptor (CSD), and 
5.Scalable Color Descriptor (SCD). In this paper, we 
will use Color Moment Method (CMM), because it 
has the lowest feature vector dimension and the lower 
computational complexity. To extract the color 
features from the content of an image, we need to 
select a color space and use its properties in the 
extraction. In common, colors are defined a three-
dimensional color space. In the digital image 
purposes, RGB color space is the most prevalent 
choice. The main drawback of RGB color space is 
that it is perceptually non-uniform and the device 
dependent system. The HSV color space [3] is a self-
generated system, which describes a specific color by 
its saturation, hue and the brightness values. This 
color system is very useful in interactive color 

selection and manipulation. The first-order is mean, 
the second is standard deviation, and the third-order 
is skewness, Color Moments have been proved to be 
efficient and effective in representing color 
distributions of images. If the value of the ith color 
channel at the jth image pixel is pi j , then the color 
moments are as follows: 
 
Similarity Measurements: 

 
 Energy: The energy measure, tells us something 

about how the intensity levels are distributed. 
 Entropy: The entropy measure, tells us how 

many bits we need to code the image data. 
 Standard deviation: The standard deviation, 

which is the square root of the variance, tells us 
something about the contrast. 

 Probability. 
 Skew. 

 
 
The color feature similarity measure is given by  
 

         
Where NQ and NI denotes the number of dominant 
colors of query image Q and target image I 
respectively.  
When retrieving the images we calculate, similarity 
between the query image and each target image in the 
image database, and then sort the retrieval results 
according to the similar value using Distance 
Measurement Method :  
 

 Euclidean Distance  

               
 Mahalanobis Metric  

 

       
    

 Manhattan Distance  
 
Take the sum of absolute values of the differences of 
coordinates. For example, if  
X=(a, b) and y=(c, d). The Manhatten distance 
between x and y is |a - c| + |b - d|. 



International Journal of Electrical, Electronics and Data Communication, ISSN: 2320-2084  Volume-3, Issue-6, June-2015 

Query Image Retrieval From Content Management System 
 

120 

One fundamental step in CBIR system [4] is the 
similarity measures. Similarity between two images is 
to find the distance between them. The distance 
between two images can be calculated using feature 
vectors that are the extracted from the images. 
Therefore, retrieval result is not a single image, but 
we can find many images will be retrieved similar to 
the input image. Different similarity measures are 
proposed based on the empirical estimates of the 
distribution of features, so the kind of features are 
extracted from the image and the arrangement of 
these features in a vector will determine the kind of 
similarity measures can be used. Different similarity 
measures affect the retrieval performance of image 
retrieval significantly. 
 
III. EXTRACTION TECHNIQUE FOR 
TEXTURE FEATURE 
 
Quantifying texture [5] content of an image is the 
most important method to image region description. 
No formal definition for texture, but we can say that 
it provides the measures of properties such as 
regularity, smoothness and coarseness. Furthermore, 
texture can be thought as repeated patterns of pixels 
over a spatial domain. If the texture exposed to some 
noise, the patterns and their repetition in the texture 
can be random and unstructured. Since there is no 
accepted mathematical definition for texture, for this 
many different methods are proposed for computing 
texture. Among these methods, no single method 
works best with all types of texture. Some common 
methods are used for texture feature extraction such 
as transform-based, statistical and model-based 
methods. Before we extract the texture feature from 
the image, we perform a preprocessing step using 
Ranklet Transform. The result of applying Ranklet 
Transform on the image is three ranklet images in 
different orientation (vertical, horizontal, and 
diagonal). Ranklet Transform belongs to a family of 
nonparametric, orientation-selective, and multi 
resolution features that has the wavelet style. It is 
used for pattern recognition and in particular to face 
detection. Later on, it is used for testing and 
estimating motion and 3D structure of an object. 
From 2004, Ranklet Transform has been used for 
medical fields. It is applied to the problems of 
tumoral masses detection in digital mammograms. 
 
Ranklet Transform:  
 
Ranklet Transform [6] has three main properties. 
1. Nonparametric that it is based on nonparametric 
statistics that deal with relative order of pixels instead 
of their intensitive values.  
Finally, it is multi resolution that the Ranklet 
Transform can be calculated at different resolutions 
using Haar wavelet supports.  
In statistics, a ranklet is orientation-selective non-
parametric feature which is based on the computation 

of Mann–Whitney–Wilcoxon (MWW) rank-sum test 
statistics. Ranklets achieve similar response to Haar 
wavelets as they share the same pattern of 
orientation-selectivity, multi-scale nature and a 
suitable notion of completeness.  

 
 
Since Ranklets are non-linear filters, they can only be 
applied in the spatial domain. Filtering with Ranklets 
involves dividing an image window W into 
Treatment and Control regions as shown in the image 
below:  
 

 
Fig. Ranklet transform, 
 

Orientation-selective analysis. From left to right, the 
vertical, horizontal, and diagonal pairs of subsets.  
Subsequently, Wilcoxon rank-sum test statistics are 
computed in order to determine the intensitive 
variations among conveniently chosen regions 
(according to the required orientation) of the samples 
in W. The intensity values of both regions are then 
replaced by the respective ranking scores. These 
ranking scores determine a pairwise comparison 
between the T and C regions. This means that a 
ranklet essentially counts the number of TxC pairs 
which are brighter in the T set. Hence a positive value 
means that the Treatment values are brighter than the 
Control values, and vice versa. 
Rank-based (non-parametric) features [7] have 
become popular in the field of image processing for 
their robustness in detecting outliers and invariance to 
monotonic transformations such as brightness, 
contrast changes and gamma correction.  
The MWW [8] is a combination of Wilcoxon rank-
sum test and Mann–Whitney U-test. It is a non-
parametric alternative to the t-test used to test the 
hypothesis for the comparison of two independent 
distributions. It assesses whether two samples of 
observations, usually referred as Treatment T and 
Control C, come from the same distribution but do 
not have to be normally distributed.  
The Wilcoxon rank-sum statistics Ws is determined 
as:  
The powerful of using Ranklet Transform as a 
preprocessing step is to make the image invariant to 
rotation and any image enhancement operations To 
calculate the texture moments for each ranklet image, 
we have to calculate the ranklet histogram (rh) and 
the ranklet co-occurrence matrix (rcmd,θ). 
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IV. RESULTS 
 

 
 
Here we browse and import the query image and 
choose the options Distance for Euclidean and 
similarity for mean. Then press the option for search 
the we will find the required results as to Red, Blue 
and Green plane results according to Euclidean 
Methodology [9]. 
 
CONCLUSION 
 
Although CBIR has been a very active research area 
since 1990’s, many challenges are issued because of 
the complexity of image data. Many researches have 
been done to develop some algorithms that solve 
some problems and achieve the accuracy when 
retrieving images and distinguishing between them. 
Many proposed algorithms are used in images to 
extract features and use their features for similarity 
matching. However, most of the algorithms uses the 
gray scales images. This paper proposes a new CBIR 
method that uses the combination of HSV color 
moment feature and Ranklet texture moment feature. 
Experimental results are showed that the proposed 

method has higher retrieval accuracy than those based 
on color and texture features respectively. Because 
the method uses multi-features, which make use of 
each feature’s unique advantages, in addition the 
dimensions of features vector are low. In the future, 
we propose a method that combines the shape and 
spatial features with the color and texture feature to 
represent the image. This will give good results. Also, 
segmentation is a method to extract regions and 
objects from the image. Through this queries images 
can extracted from Content Management System. 
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